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Abstract

MANAGEMENT’'S AGGRESSIVENESS AND FAIR VALUE ACCOUNTMNG: AN
EXAMINATION OF REALIZED AND UNREALIZED GAINS AND LOSSES ON ASC 820
LEVEL 3 ASSETS

By Robson Glasscock

A Dissertation submitted in partial fulfillment tfe requirements for the degree of Doctor of
Philosophy in Business at Virginia CommonwealthJénsity

Virginia Commonwealth University, 2014
Director: Myung Seok Park, Robert L. Hintz ProfassibAccounting

Prior research has shown that even the most diugdair value estimates are value-
relevant (Song et al. 2010, Kolev 2009, Goh e2@09) and that managers appear to use Level 3
valuations opportunistically (Valencia 2011, Fiestand Meyer 2009). However, the
association between “traditional” measures of aggjveness in financial reporting and biased
estimates of fair value has not been previouslglistu | test whether aggressiveness, as
measured by discretionary accruals, real activitiagipulation, and meeting-or-beating
analysts’ consensus estimates, is positively agsativith realized and unrealized gains and
losses on Level instruments. Overall, | find liadtsupport that aggressive firms
opportunistically use fair value measurements &rstate earnings. Inferences remain the same
whether only the unrealized component of gainsdssse examined and whether firms are
classified into “suspect” or “non-suspect” groups.
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l. Introduction
On May 12, 2011, the Financial Accounting Stand@&dard (FASB) issued a press

release stating that the FASB and the Internati@cabunting Standards Board (IASB)
completed a significant milestone in the processiobing towards a single, global set of high-
quality financial accounting standards. Specificahe boards issued common standards
regarding techniques and disclosures related tovddtie accounting. The promulgation of
common standards is known as “convergence”, anddheds have been actively working to
align US Generally Accepted Accounting Principlé®AP) and International Financial
Accounting Standards (IFRS) since 2002. Due toveqgence, understanding the risk and
benefits of reporting assets and liabilities at Yailue literally has global implications. Leslie
Seidman, Chairman of the FASB, said, “This Updaf@esents another positive step toward the
shared goal of globally converged accounting stadsdaHaving a consistent meaning of the
term ‘fair value’ will improve the consistency oh&ncial reporting around the world” (FASB

2011).

Despite the world-wide importance of fair value@mting, relatively little empirical
evidence exists regarding the current fair valaedgards. This sentiment is expressed by
DeFond (2010), “Going forward, | think there are@anting developments on the horizon about
which we know relatively little, and hence are jiprospects for future research. One
example is fair value accounting, which represarstentially sea-changing development in the
accounting environment” (DeFond 2010, 11). Furthes additional disclosures required by
modern fair value standards may be able to profuidber insights into issues that have been
debated in prior research. Barth and Taylor (2@t8)critical of the conclusions made by

Dechow, Myers, and Shakespeare (2010) regardinghéimepulation of fair value estimates

1
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during asset securitizations stating that, “Recéanges in accounting standards might provide a
greater opportunity to investigate the discretiofair value estimates. For example, SFAS 157
defines fair value, provides guidance on how t@eine it, and requires more extensive
disclosures about fair value than required preWjouBerhaps these new disclosures can be used

to construct more direct tests” (Barth and Taylot@, 33).

Laux and Leuz (2009) discuss the major argumemtarid against fair value accounting
subsequent to the financial crisis. The auth@sé the discussion within the tradeoff between
relevance and reliability and state that accourgtagdards setters have debated this tradeoff for
decades. Laux and Leuz (2009) write, “Few displé transparency is important. But the
controversy rests on whether fair value accounsnigdeed helpful in providing transparency
and whether it leads to undesirable actions oménts of banks and firms” (Laux and Leux
2009, 827-828). This study provides direct evidenegmarding one such undesirable action (e.g.,

firms intentionally manipulating fair value estimatto manage earnings).

Prior to the passage of Statement of Financial Anting Standards No. 157 (FAS 157),
existing guidance related to fair value accountemained dispersed through the pre-
codification hierarchy of Generally Accepted Accting Principles (GAAP) in the United
States. The definitions of fair value varied asrsgndards, and specific implementation
guidance was limited. The FASB recognized thaseh@oblems “... created inconsistencies
that added to the complexity of applying U.S. GAAPASB 2006, FAS 157-2). FAS 157 did
not increase the scope of which account balancemsses of transactions were to be reported at
fair value. Rather, FAS 157 was written to bergls authoritative implementation standard for

other areas of US GAAP requiring fair value accogt
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The FASB implemented the Accounting Standards @mtibn (ASC) for financial
reporting periods subsequent to September 15, 2008.ASC technically supersedes all prior
US GAAP, but many of the existing Statements ofRaial Accounting Standards were
incorporated into the Codification. For instanttes provisions of FAS 157 are incorporated into
the Codification as Accounting Standards Codifma#820. Hereafter, this paper references the
Accounting Standards Codification rather than ttege®nent of Financial Accounting Standards

(ASC 820 instead of FAS 157).

Inputs to the three valuation techniques permitedSC 820 (i.e., market approach,
income approach, or cost approach) are either diémige observable or unobservable.
Observable inputs are defined as, “... inputs thiéécethe assumptions market participants
would use in pricing the asset or liability deveddased on market data obtained from sources
independent of the reporting entity” (FASB ASC 82D-20). Unobservable inputs are defined
as inputs which “... reflect the entity’s own assuimp$ about the assumptions market
participants would use in pricing the asset oriliigbdeveloped based on the best information

available in the circumstances” (FASB ASC 820-10-20

ASC 820 also created a hierarchy of three level&io value measurement and
expanded the disclosures required for fair valuasueements. Per ASC 820, Level 1 assets or
liabilities use quoted market prices for identiaasets or liabilities in active markets. Level 2
assets or liabilities use observable prices whiemat included in the Level 1 classification.
Examples of Level 2 observable prices are quotegégfor similar, not identical, assets or
liabilities in active markets and quoted pricesiftantical or similar assets or liabilities in
markets that are not deemed to be “active.” L&8vtms are commonly referred to as “mark-to-

model” assets or liabilities. These assets/liaédiuse the entity’s own assumptions as valuation

3
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inputs and, accordingly, management has the msstedion over the valuation of Level 3 assets
or liabilities. It is this category which uses utp deemed to be “unobservable” per ASC 820

and, accordingly, additional disclosures are resglir

Using ASC 820 disclosures, this study examines dredggressive firms use their
considerable discretion over the valuation inpssduin the Level 3 category to report biased
(overstated) gains/losses for Level 3 assets. Bpegamples of these assets include auction rate
securities, investments in hedge funds, investmantsvate equity firms, collateralized debt
obligations, credit default swaps, and derivatinedating to commodity basis differentials.

Biased gains/losses may be either unrealized bzeda The unrealized gains/losses used in this
study are attributable to Level 3 assets whichatedesignated as available-for-sale. These
unrealized gains/losses are booked to income statieaccounts and alter the current period’s
earnings. The realized gains/losses attributableetel 3 assets include assets which were
designated as available-for-sale in a prior pebiodhave been sold in the current period and
sales of assets which were designated as tradmgites. These realized gains/losses are
booked to income statement accounts, alter thecuperiod’s earnings, and provide

management with a second way to use Level 3 assgtanage earnings.

In this study, | define a firm’s aggressivenesgsriinancial reporting using three
different measures. Each measure has been usatsey in the accounting and finance
literature. Aggressiveness is measured usinghlibelate value of lagged discretionary accruals,
composite real activities manipulation, and “Streatrnings that are greater than or equal to

analysts’ consensus estimates.
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Findings from prior research are consistent witimé being rewarded for reporting
earnings consistent with the market’s expectat{@kner and Sloan 2002; Bartov, Givoly, and
Hayn 2002). These findings provide aggressivediwith incentives to report overstated
realized gains/losses on Level 3 assets. It skalswn that the Level 3 items are value relevant
(Song, Thomas, and Yi 2010; Kolev 2009; Goh, Ngl #ong 2009). The fact that the market
discounts, but still values, Level 3 items provideentives to aggressive firms to willfully
overstate Level 3 assets via the concurrent overstnt of unrealized gains/losses. It remains
an open empirical question whether aggressive fengage in these behaviors to a greater
extent than nonaggressive firms. In this stugyedict that management’s aggressiveness (i.e.,
discretionary accruals, real activities manipulatiand propensity to meet or beat analysts’
consensus estimates) is positively associatedredlzed and unrealized gains/losses on Level 3

assets.

| find that realized and unrealized gains/lossek@rel 3 assets are significantly
associated with discretionary accruals in a vamétypecifications. The relationship is
significant at conventional levels regardless eftidst. There is moderate support for the
conjecture that realized and unrealized gains/foead_evel 3 assets and management’s
aggressiveness are related when real activitiegpulation is used as a proxy for
aggressiveness. However, | find little evidencambetween aggressiveness and realized and
unrealized gains/losses on Level 3 assets whenngeatbeating is used as the

operationalization of aggressiveness.

This study contributes to the post-FAS 157/ASC &20value accounting literature in
several ways. First, Valencia (2011) and Fiechter Meyer (2009) provide evidence that fair

value accounting is used as an earnings manageawconditional upon the properties of the
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firm’s earnings. However, the relationship betwé&gnvalue accounting and established
measures of firm aggressiveness (e.g., discreyyj@amruals, real activities manipulation, and
propensity to meet-or-beat analysts’ consensusiasts) has not been previously investigated.
Both Valencia (2011) and Fiechter and Meyer (2@@®)duct analyses where the primary
explanatory variables are related to earnings, @sin earnings, or net income. Discretionary
accruals, meeting-or-beating, and real activitiesipulation are not considered by either study.
Second, understanding whether aggressive firmatiotelly report biased fair value estimates
is important because both Valencia (2011) and keeand Meyer (2009) report that higher-
quality auditors and stronger corporate governaluckttle to constrain managers from using
Level 3 fair value estimates opportunistically.ir@hall of the modern (i.e., post FAS 157) fair
value studies have examined fair value accountamggusamples consisting solely of financial
services firms. Financial services firms have urigperating and accounting environments, and
findings supporting the notion that managers wilfoverstate fair value estimates may not be
generalizable to nonfinancial services firms. Hegrethis study provides evidence that
nonfinancial services firms also use fair valueoatiting as an earnings management tool.
Fourth, Barth and Taylor (2010) are optimistic ttiet ASC 820 disclosures may be used to
construct more direct tests of whether managersrypistically abuse the discretion inherent in
fair value estimates. This study includes sewdiralct tests of the relationship between

management aggressiveness and fair value.

The remainder of this paper is organized as foll&estion Il discusses prior literature
and develops the hypothesis of this paper. Setlidetails the sample selection, variables, and
empirical research design of the study. Sectiopridsents the results, and Section V discusses

the conclusion.
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[I.  Literature Review and Hypothesis Development
Literature on Fair Value

FAS 157 has two implementation dates depending timtype of assets/liabilities the
firm has (financial vs. nonfinancial) and the freqay with which the firm reports the fair values
of the assets/liabilities. For firms with finaniceesets/liabilities, or nonfinancial assets/liaieis
that are reported at fair value with at least amuahfrequency, FAS 157 became effective for
financial statements filed with fiscal years begngnafter November 15, 2007. For firms with
nonfinancial assets/liabilities that are not repdrat fair value on at least an annual basis, FAS

157 became effective for fiscal years beginningrdftovember 15, 2008 (FSP FAS 157-2).

Much of the existing FAS 157 research focusesmantial services institutions. For
example, working papers from Valencia, Fiechter lsleyer, Goh et al., and Kolev all study
FAS 157 within the context of financial servicesrfs. The concentration of fair value reporting
within the banking industry is not limited to wonkj papers. Recently published studies from
Badertscher et al. (2012), Riedl and Serafeim (20drid Song et al. (2010) also use samples
consisting solely of financial services firms. Tegpers fall into two broad research categories.
One group examines the value-relevance of fairevaktimates and disclosures while the second

attempts to determine if managers use their diseretver fair value in an opportunistic manner.

The value-relevance studies include Song et @LQY Kolev (2009), and Goh et al.
(2009). Song et al. (2010) employ a modified va@rf the Ohlson (1995) model. Ohlson’s
original model expresses share price as a fundfitmook value and the present value of
cumulative expected abnormal earnings. Song €2@1.0) decompose the book value of the
firm into assets/liabilities carried at historicalst and the ASC 820 framework for
assets/liabilities carried at fair value (LevelLgyel 2, and Level 3). They then estimate the

7
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relationship between each asset/liability level sindre price. Song et al. (2010) note that,
theoretically, the regression coefficients for &ssgual positive one and the regression
coefficients for liabilities equal negative onef bind that the estimated parameters decrease in
absolute value as the fair value levels incredses finding is consistent with investors placing
less reliance on fair value adjustments that alpgestito higher amounts of managerial
discretion. Kolev (2009) and Goh et al. (2009) sis@ilar research designs and report findings

consistent with Song et al. (2010).

Each of the value-relevance studies concludeddiratalue estimates with less
discretion are more value-relevant to investors alitthree fair value levels are significantly
associated with share price. These findings dezasting because they show that even fair
value disclosures with the most discretion (Levak8ets/liabilities) are priced by capital
markets. These findings give overly aggressiveagars an incentive to report biased
(overstated) fair value estimates for Level 3 ass®&Yhether or not aggressive managers abuse
the considerable leeway they have in determiniedair value of Level 3 assets remains an

open empirical question.

Valencia (2011) and Fiechter and Meyer (2009) exgplehether financial services
institutions use Level 3 fair value estimates opyoastically. Valencia (2009) studies the
amount of unrealized gains that banks recognizedinings around the financial crisis of
20082 These unrealized gains are the result of chaingée valuations of Level 3 instruments
between reporting periods. Valencia (2009) sukdgrdee unrealized gains from the actual

earnings reported by the financial institutionse $tiows that banks which would have reported

! Goh et al. and Kolev both study the fair valumef assets which are defined as the total fairevaisets for a
given level minus the total fair value liabilitiésr the same level.
% valencia’s sample runs from 2007 through the thjindrter of 2009.

8
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losses had they not been able to recognize thd Bexeduation changes report unrealized gains
that are higher than banks which would have regdgstesitive earnings had they not been able to
recognize the Level 3 valuation changes. Thesétseslso hold for banks which would have
reported negative changes in earnings had thelggest able to recognize Level 3 valuation
changes. Taken together, these findings suggaisirtanagers of financial services institutions
use their discretion over Level 3 fair value est#sao report earnings that are positive and
higher than prior reporting periods. Interestindfglencia (2009) finds no evidence that

stronger corporate governance or more prestigiodgas constrains such behavior.

Fiechter and Meyer (2009) examine whether bankshesdiscretionary nature of Level

3 fair value estimates to smooth earnings. UrMiéencia (2011), their sample consists of
observations limited to the financial crisis of 800Fiechter and Meyer (2009) find a negative
and statistically significant association betwearealized gains/losses on Level 3 instruments
and net income before unrealized gains/losses el [einstruments. They conclude that this is
evidence consistent with firms using the subjettiinherent in fair value estimation of opaque
assets to smooth earnings (firms with higher egsneport lower unrealized gains/losses and
vice versa). Similar to Valencia (2011), the fimgs of the authors do not indicate that stronger

corporate governance mitigates the ability of mansatp report biased fair value estimates.

Though Valencia (2011) and Fiechter and Meyer (2888w that characteristics of both
current earnings and current changes in earnirflgeirce management’s use of ASC 820 Level
3 fair value estimates, the relationship betweenagament’s aggressiveness and Level 3
reporting has yet to be studied. The researclydesed in the current study differs from both

Valencia (2011) and Fiechter and Meyer (2009) at thanagement’s use of ASC 820 Level 3
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fair value estimates are examined conditional upercharacteristics of the firm itself and not

upon the characteristics of the firm’s reportechewys.

Literature on Aggressiveness

Teoh, Welch, and Wong (1998) attempt to explainviiaely observed
underperformance of initial public offerings (IPQs) separating firms into “aggressive” or
“conservative” categories and testing for differesin the three-year returns of each group.
They define aggressive IPOs as firms in the higheattile of discretionary accruals and
conservative IPOs as firms in the lowest quartildiscretionary accruals. Teoh et al. (1998)
show that aggressive IPO firms cumulative buy-aaldheturns are between 15 to 30 percent

lower than conservative IPO firms.

Kim and Park (2005) study aggressive (i.e., oppustic) accounting decisions within
the context of seasoned equity offerings (SEO)es€hssuances give managers two incentives
to issue shares at higher prices. First, a higtiee per share allows the firm to collect more
cash for a given number of shares. Second, therfiust sell fewer shares to raise a particular
amount of capital. This allows managers to preeswcess dilution of their equity ownership
stakes in the firm subsequent to the issuance. dlidPark (2005) hypothesize that managers of
SEO firms will use their financial reporting distom aggressively and will manage earnings to
issue shares at inflated prices. They refer dhithe “issuer’s greed hypothesis” and
operationalize aggressiveness using discretioramyals from the cross-sectional Modified
Jones Model (1991). The findings of Kim and P&®05) are consistent with the issuer’s greed

hypothesis.

10
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The use of discretionary accruals as a measulienoBfjgressiveness is also accepted in
the auditing literature. Francis and Yu (2009)reiee the relationship between local office size
and audit quality for clients audited by Big 4 dads. They also use discretionary accruals as a
proxy for aggressive financial reporting and codelu‘Clients audited by larger offices are also
less likely to have aggressively managed earniags/@lenced by smaller abnormal accruals
and a lower likelihood of meeting benchmark earsitaggets... “ (Francis and Yu 2009, 1522).
Further, Gunny and Zhang (2013) study the relakignsetween Public Company Accounting
Oversight Board (PCAOB) inspections and audit quatunny and Zhang (2013) state that an
alternative explanation for their results is ttreg PCAOB may devote more time and resources
inspecting auditors that allowed aggressive acéogmhoices in the past. Gunny and Zhang
(2013) use a two-stage model to account for thisiaclude accruals as a proxy for

aggressiveness.

However, discretionary accruals are not the onlgsnee to gauge managers’
aggressiveness toward financial reporting. Managgraggressiveness may also appear in
operating decisions. Roychowdhti(2006) defines real activities manipulation agpartures
from normal operating practices, motivated by mansiglesire to mislead at least some
stakeholders into believing certain financial repay goals have been met in the normal course

of operations” (p. 337).

Roychowdhury (2006) defines suspect firm-yearsha®rvations where net income

divided by total assets is greater than 0 and |dhesn .005. This definition is partially based

3 Roychowdhury cites a survey from Graham et al. £200 which executives stated that it was importanneet
various earnings targets (i.e., prior period eaysjranalyst forecasts, etc.). The executives gadsalso admitted
that they were willing to manipulate day-to-day @img procedures to meet these targets.

11
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upon Burgstahler and Dichev (1997) who documertasiBnuities in the distributions of both
earnings and changes in earnings. Specificallyg&ahler and Dichev (1997) find lower-than-
expected frequency of observations immediatelédéft of zero and higher-than-expected
frequency of observations immediately to the rigihzero. They conclude that the
discontinuities in the distributions are attribuéato earnings management. Other studies
(Cohen, Dey, and Lys 2008; Kim, Park, and Wier 2CGd&o find that in suspect firm-years,

firms report lower abnormal cash flow from operasiplower discretionary expenses, and higher
abnormal production costs. Each of these findiag®nsistent with managers’ aggressiveness

toward financial reporting.

Cohen et al. (2008) examine the relationship betveeeruals-based earnings
management and real activities manipulation. Tirelthat passage of ti&arbanes-Oxley Act
of 2002 (SOX) significantly reduced the prevalence of aatstbased earnings management as
compared to real activities manipulation. Theadifigs are not surprising given the
requirements of Section 404 of SOX. Section 4@dires management and the auditors to
opine on the adequacy of both the design and apgreffectiveness of the company’s internal
controls. A stronger internal control environmkkely constrains accruals-based earnings
management but may not necessarily reduce realtagimanipulation. Cohen et al. (2008)
conclude that accruals-based earnings managemgméalractivities manipulation are
substitutes for one another and that real acts/iti@nipulation became more prevalent

subsequent to SOX. This suggests that RAM could toait of aggressive financial reporting.

Cohen and Zarowin (2010) study the substitutidactbetween accruals-based
manipulation and RAM within the context of seasorqdity offerings. They find that while
SEO firms use both accruals-based earnings managame RAM, these two earnings

12
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management mechanisms are substitutes for oneandthese findings are similar to Cohen et
al. (2008) but generalizable to a more specificssgbon of firms (i.e., SEOs). Cohen and
Zarowin (2010) conclude that the substitution chaitanager make between these two types of

earnings management partially depends upon awstitatiny and perceived litigation penalties.

The sample period of this study is constrainedhéopost-SOX period due to the effective
date of ASC 820. The findings of Cohen, Dey, agd (2008) and Cohen and Zarowin (2010)
suggest that an alternative measure of managerggressiveness may be warranted in the post-
SOX period. Therefore, the composite real acésitnanipulation measure from Cohen and

Zarowin (2010) is used as an alternative proxyni@anagement’s aggressiveness.

Finally, meeting or beating analysts’ forecasts @JBs used as the third proxy for
management’s aggressiveness in this study. SkameSloan (2002) find that the return
underperformance of growth stocks relative to valioeks is primarily explained by the
asymmetric reactions of investors when growth saeport negative earnings surprises.
Negative earnings surprises are defined as fiseatters in which the firm’s actual earnings per
share is less than the analyst consensus foreoaatrongs per share. The evidence reported by
Skinner and Sloan (2002) gives growth firms strimogntives to avoid negative earnings

surprises, and thus, also incentivizes MBE behavior

However, incentives to avoid negative earningsrssep are not confined to growth
stocks. Bartov, Givoly, and Hayn (2002) use atidhsample containing all firms for which
I/B/E/S estimates are available and conclude thiadutative abnormal returns are positively
associated with MBE. They also report asymmetiacket reactions depending upon the type of

discrepancy between the firm’s reported numbersamradysts’ consensus estimates. For

13

www.manaraa.com



example, the premium for meeting analysts’ forecassignificantly different from the premium
for beating analysts’ forecasts, and the absolabeevof the premium to beating analysts’
forecasts differs from the penalty for failing t@et analysts’ forecasts. Bartov et al. (2002) also
present evidence that the market still rewards NdBEavior in cases in which the market’s
expectations were likely met via earnings managemeanalyst manipulation. These findings

further incentivize aggressive firms to engage iBBvbehavior.

Matsumoto (2002) finds that managers prefer pesitmnanagement earnings forecasts
as a tool for MBE, Matsumoto’s results show thatdktionary accruals and MBE are positively
and significantly related. Therefore, | employ MB& a third measure of management

aggressiveness in the current study.

The existing aggressiveness and fair value liteeadiscussed above leads to several
conclusions. The market often reacts positivelgases where it is likely that benchmarks are
met via aggressive financial reporting practiceshgyfirm, assets subject to the largest amounts
of managerial discretion are still priced by cdpitarkets participants, financial services
institutions use fair value to report earnings aehdnges in earnings that are positive, financial
services institutions also use fair value to sma@atinings, and both auditors and stronger
corporate governance by the board of directorsiaable to constrain such behavior. Therefore,
aggressive nonfinancial services firms are alsalyiko opportunistically report biased
(overstated) fair value estimates in an attemptbtain the same positive reaction from the

market. This provides support for the followingpbyhesis stated in alternate form:

H1: Management’'s aggressiveness in financial reparyg is positively associated with

realized and unrealized gains/losses on Level 3 ats
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[ll.  Research Design

Sample Selection

The United States Securities and Exchange Commi¢SIBC) requires that large
accelerated filers (i.e., firms with common equitgirket capitalization of at least $700 million)
prepare their financial statements in an interadtista format using eXtensible Business Markup
Language (XBRL) for reports filed on or after Jurte 2009. The SEC intended the XBRL
format to be more useful to investors because XBR@§iged” documents enable investors to
quickly and easily download data directly into smeheets. The SEC stated that this should
help investors analyze the data in a variety ofsuasing commercially available software (SEC

2009).

Calcbench Inc. uses cloud-based computing to psoaed store data from all eXtensible
Business Reporting Language (XBRL) tagged finaneipbrts filed with the United States
Securities and Exchange Commission. The populatigrublicly traded firms with realized or
unrealized gains/losses on Level 3 assets wasnalot&iom Calcbench Inc. XBRL prepared
documents are mandated beginning the second calendder of 2009, but interpolation based
on data in the 10-Q’s is possible. Therefore, Hrae period in this study runs from the first
calendar quarter in 2009 to the second calendatequzf 2012. After interpolation there are 175
firms in the sample and 902 firm-quarters. Finahservices firms (i.e., SIC codes 6000-6799)
are excluded due to the extant research on fineseigices firms and fair value accounting.
The remaining XBRL sample includes 105 firms and #8n-quarters of which 410 firm-

quarters report non-zero realized and unrealizetsasses on Level 3 assets.

A recent white paper from Columbia University’sriear for Excellence in Accounting &
Security Analysis outlines a series of problemthancurrent XBRL reporting environment.
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Among the problems discussed by Harris and Mos{i2012) are low-quality XBRL document
tagging due to limited liability of fliers for erre combined with the fact that XBRL tagging is
unaudited, filers utilizing incorrect XBRL tags,darrors causing the tagged data to not
reconcile with the EDGAR filling. In fact, the $it recommendation made by Harris and
Morsfield (2012) is that the error rates of XBRLUa&e significantly reduced. Based on the
findings of Harris and Morsfield (2012) data is Hasollected from EDGAR fillings (i.e., 10-Q’s
and 10-k’s) for the 492 firm-quarters discussedvabolhe hand-collected data contains 86
firms and 378 firm-quarters of which 333 firm-quead report non-zero realized and unrealized
gains/losses on Level 3 assets. The XBRL data doieagree with the EDGAR fillings in
nearly one third of cases (30.88%), and the hatidated data is used for all of the reported

descriptive statistics and empirical analyses.

The XBRL data provided by Calcbench, Inc. contdi)9 firm-quarters and 231 unique
firms. This data theoretically consists of therenpopulation of firms that recognize changes in
Level 3 assets in earnings. However, due to thRXBnplementation issues previously
discussed it is likely that some firms with Leveg&@ns/losses in earnings are absent. Excluding
financial services firms (i.e., SIC codes 6000-%7@iminates 613 firm-quarters and 82 unique
firms. It is worth noting that financial servicestitutions are the minority (35.50 %) of firms
with Level 3 assets. XBRL tags exist for time pdd beyond single quarters. For example,
observations may contain cumulative figures forfifrst two or even three fiscal quarters. These
cumulative periods are useful for interpolafirglues for missing time periods, but they are

unsuitable for a research design using single-quértancial data from COMPUSTAT.

* Total realized and unrealized gains/losses includegrnings for two or more quarters is the sureash single
quarter. This may be seen in GE's 3/31/2009 aB@/8009 10-Qs and SWN's 3/31/2010 and 6/30/201Q’K0-
However, this relationship does not usually holdiuforealized gains/losses.
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Cumulative annual figures are also present in tBRKX data and pose the same problem.
Interpolating when possible and removing these dative periods results in a net decrease of
302 firm-quarters. This brings the initial XBRLsple to 492 firm quarters and 105 unique
firms. Hand-collecting data from the EDGAR filinfs.g., 10-Q’s and 10-K’s) results in 378
firm-quarters and 86 unique firms. Table 1 detsjiscific reasons that each observation is
removed. The most common reasons for removal@®’'4 being prepared on a cumulative
basis, lack of disclosure regarding whether taalized and unrealized gains/losses are booked

to earnings or OCI, and missing observations irpdreel which precludes interpolation.

Table 1
Initial Sample of XBRL and Hand-Collected Data
Observations
XBRL Data Obtained from Calcbench, Inc. 1,409
Less: Missing Value for Realized and Unrealizedn@aiss Tag (2)
Duplicate Observation (1)
Financial Services Firms (613)
Cumulative 6-month and 9-month Data (282)
Annual Realized and Unrealized Data (212)
Add: Interpolated Observations 192
Initial XBRL Sample 492
Less: No Level 3 Rollforward Table in 10-Q/10-K (6)
Only Cumulative 6- or 9-Month Reported (33)
Total Realized and Unrealized Gains/Lo$$asReported (8)
OCI vs. Earnings Not Disclosed (12)
Foreign Filer Without Any 10-Q's/10-K's (6)
No 10-Q or 10-K Filed (5)
Interpolation Not Possible Due to Missfdgservations in Panel (45)
Initial Hand-Collected Sample 378

COMPUSTAT data is necessary to estimate discratioaccruals, real activities

manipulation, and several control variables (&MYE, LEV, ROA, etc.). The XBRL data and
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hand-collected data were accumulated in one filelvivas merged with COMPUSTAT-
Fundamentals Quarterly data using a one-to-oneertmged on CIK, DATADATE, and FQTR.
Fiscal period-end dates in COMPUSTAT (i.e., DATADA)Tmay be within several days from
the actual period-end reported in EDGAR filinghheTXBRL data contains the actual period-end
reported in the EDGAR filling, and these datesajisted prior to the merge. Each observation

in the XBRL data was successfully merged with CONGHWAT.

One additional interpolation is necessary withgifira Commonwealth University’s
COMPUSTAT- Fundamentals Quarterly subscription.a@arly cash flow (i.e., OANCFQ) is
necessary to estimate both real activities manijpmand discretionary accruals. However, the
VVCU subscription contains OANCFY which is the cuative cash flow across all reported
quarters. In the first quarter OANCFQ equals OANCBut in subsequent quarters OANCFY
will report the cumulative six-, nine-, and twela@nth cash flows. Differencing OANCFY

based on fiscal quarter for Q2, Q3, and Q4 provillesingle-quarter operating cash ffow

Missing values in the COMPUSTAT- Fundamentals @ubrdata further reduce the
378 firms in the hand-collected sample. Gross @ryplant and equipment (i.e., PPEGTQ) is
missing in 55.02 percent of the 153,912 firm-quartovered by COMPUSTAT between
January 1, 2009 and June 30, 2012. PPEGTQ isngissil3.49 percent of the hand-collected
observations, and this precludes estimation of hotimal and discretionary accruals for these
observations. Missing PPEGTQ values are muchfiegsent in the hand-collected

observations than in the population of firms coddrg COMPUSTAT.

® For example, MSFT’s 9/30/2009 10-Q through thé@&810 10-K may be used to illustrate this relaghip.
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The estimation sample used to test the relatiortshiyveen real activities manipulation
and realized and unrealized gains/losses on LewetBiments is also reduced due to missing
values. Quarterly selling, general, and admintisteeexpenses (i.e., XSGAQ) is missing in
36.22 percent of the 153,912 firm-quarters covée@OMPUSTAT between January 31, 2006
and December 31, 2012. XSGAQ is missing in 42€6ent of the hand-collected observations.
This pattern is the opposite of the relative préiparof missing values between the population
of firms covered by COMPUTAT and the hand-collectadhple that was observed for
PPEGTQ. While PPEGTQ is missing in a much higleecentage of the complete
COMPUSTAT data than the hand-collected samplepgp®site holds for XSGAQ. This
precludes estimation of normal expenses, abnormealalionary expenses, and real activities
manipulation for nearly half of the hand-collectdzservations. The RAM variable is the most
impacted by missing values because composite RANEISum of residuals from three separate
regressions. RAM also requires a larger numbéags than DA and, unlike DA, seasonal

differences are used to estimate RAM.

Table 2 provides reconciliations of the initial agollected observations to the number
of observations included in each model. The sampédel to test the relationship between MBE
and FVE is least affected by missing values, ardstimple used to test the relationship between

RAM and FVE is most affected by missing values.
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Table 2
Reconciliation of Hand-Collected Sample to Total Obervations in Each Model

DA RAM MBE

Initial Hand-Collected Sample 378 378 378
Less: Missing Values- PPEGTQ (51) - -
Missing Values- XSGAQ - (159) -
Missing Values- Other (25) (15) 27)

Total Observations 302 204 351

Variables: DA is the absolute value of discretigraccruals in periottl estimated as in Dechow et al.
1995. RAM is composite real activities manipulatihich is the sum of abnormal production minus
abnormal cash flows from operations minus abnopraduction. Each individual RAM element was
estimated as in Cohen and Zarowin (2010). DA aAW¥Rre both Winsorized at the 1% level.
PPEGTQ is gross property plant and equipment, giart XSSGAQ is selling, general, and
administrative expenses, quarterly. MBE is andattir variable equal to one if the firm's "Street"
earnings are greater than or equal to the latedystrconsensus estimates.

Analyst forecast data to calculate MBE is obtaifiech IBES via the Thomson Reuters
Spreadsheet Link (TRSL) interface. The TRSL quesiee executed in MS Excel based on
CUSIP and fiscal quarter. However, COMPUSTAT aBB$ define fiscal periods differently
and the format of the quarterly time variable défbetween the two databases (e.qg.,
DATAFQTR in COMPUSTAT appears as “2012Q1” while geees in TRSL appear as
“1FQ2012"). COMPUSTAT defines the fiscal year a& aninus the current year for firms with
fiscal year-ends in January through May. Both agdine to DATAFQTR for fiscal year-ends
between January and May to remediate the tempefigition discrepancy between
COMPUSTAT and IBES and reformatting the DATAFQTRhexessary for the query to
properly ruffi. The analyst forecast data is merged back irgusione-to-one merge based on

CUSIP and DATADATE. No observations are lost & 8tep due to merge failures.

® The accuracy of adding one to the COMPUSTAT figmalods discussed above was tested via tracinglawét
income for AIR, AEO, BBBY, XLNX, and MDT to the qae No exceptions were noted.

20

www.manaraa.com



Annual auditor data is obtained from COMPUSTAT anditor changes are obtained
from Audit Analytics. Neither database has spedfiarterly auditor data because 10-Q’s are
reviewed and not audited. Nonetheless, if the samdé@or audits the 2009 and 2010 10-K’s then
this auditor also reviewed each of the 10-Q’s betwile annual reports. Using information
about who the auditor was at any given year-enahbaioed with dates of auditor changes in the
Audit Analytics Auditor Changes table, allows theadgerly auditor to be solved for. Ten
observations are lost at this step due to misginijf@r values, and the data is merged using a
one-to-one merge based on GVKEY and DATADATE. Ndigonal observations are lost due

to merge failures.

The closing price of the Volatility Index (VIX) fahe S&P 500 is downloaded from the
Chicago Board Options Exchange (CBOE) via WRDSX W®ta is only available on trading
days, and firms in the sample may have fiscal peeiods that occur on non-trading days. This
precludes merging all firms at one time based oTBBATE. For example, a firm with a
DATADATE that occurs on a weekend or holiday wititrhave VIX data for that day. In these
cases the price of the VIX on the next trading daysed. A series of three one-to-many merges
based on DATADATE or DATADATE adjusted for the nesdding day are performed. These
three datasets are appended together and contpeiseost current estimation dataset at this

point. No observations are lost due to missingeslffor the VIX or merge failures.

The price of the S&P 500 Composite Index is okadifrom CRSP’s Daily Stock file.
The quarterly standard deviation of index pricedkulated and merged back into the estimation
dataset using a one-to-many merge based on DATADASImilar to the VIX, the quarterly

standard deviation is non-missing only on tradiagsd A series of three one-to-many merges
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based on DATADATE or adjusted DATADATE are perfoxrend the files are appended

together. No observations are lost at this steptdumerge failures.

The three-month treasury yield is downloaded utiiegFederal Reserve Economic Data
MS Excel add-in. Similar to VIX and S&P Compodeex prices, the treasury yield is only
available on trading days and three merges andppend must be conducted to import the data.

No observations are lost at this step due to ngssdata or merge failures.

Table 3 presents the sample by industry. Spedificaldetails the number of unique
firms and firm-quarters within each two-digit SIGde. The most frequent Level 3 instrument
type within each industry is also shown in TableTBe industries with the heaviest
representation are Electric, Gas, and Sanitarya@llGas Extraction, and Chemicals. Electric,
Gas, and Sanitary firms consist of 38.62% of tital-quarters. The least represented industries
are Apparel and Accessory Stores and Fabricatedl#Ekcluding Machinery. The sample

contains 23 different two-digit SIC groups.

Descriptions of Level 3 instruments were obtainednfthe hand-collection process and
used to judgmentally assign the assets to the @a¢sgoreviously shown in Table 3. Auction
rate securities and non-specific derivatives agentlost frequently occurring assets in the hand-
collected sample. The majority of the auction sseurities are described as being associated
with collateralized student loan debt. It is uaeleshy auction rate securities tied to bundled
student loan debt are so prevalent in the sanipéehaps an investment bank recommended
these as good investments to a variety of pubtrelged firms or perhaps firms invested in the

securities knowing of the valuation difficultiesadvance and believing that the instruments
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would provide a convenient earnings management tdolvever, both conjectures are

speculative.

As discussed in the “Control Variables” sectiomn$ typically provide only a few
sentences describing their Level 3 holdings. Hegtel descriptions of Level 3's and a valuation
reconciliation is disclosed, but specific inforneatti(e.g., term structures, counterparties, credit
risk, use of valuation specialists, maturities,)atcnot currently required to be disclosed by
ASC 820. Prior studies (e.g., Fiechter and Me¥192 Valencia 2009) have included industry
indicator variables based on two-digit SIC codeagregate measures of Level 3 instrument
type. The rationale is that firms within the samgustry will likely hold the same Level 3
instruments. This is a strong assumption givervdreety of firms that are collapsed into each
two-digit SIC code. Specifically, collapsing firnmgo groups based on the first two SIC digits
assigns chocolate producers, chewing gum manuéastuice millers, and meat packing plants
into one group. It is reasonable to believe thaahpacking plants may need very different
derivative financial instruments than chocolatedaieers or chewing gum manufacturers.
Indicator variables at the industry level also asswhat every firm within the same industry will
have the same investment risk tolerance and fiaheophistication. It may be the case that two
firms in the same two-digit SIC code will investdiiferent Level 3 assets. Accordingly,
indicator variables based on hand-collected desenip of Level 3 instruments are used in the

current study.
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Table 3
Sample Industry Membership and Level 3 Instrument Types

e
10
12
13
20
26
28
29
34
35
36
37
38
39
42
45
47
49
50
53
56
58
73
99

Description Firms Obs Most Common Instrument

Metal Mining 1 2 Non-Specific Derivatives

Coal Mining 2 14  Collars, Power, and Physican@wdity Derivatives
Oil and Gas Extraction 9 36 Collars, Power, Bhgsical Commodity Derivatives
Food 1 3  Other Investments, Contingent Conatiter

Paper 1 4  Auction Rate Securities

Chemicals 9 33 Mortgage-Backed Instruments

Petroleum Refining 2 3 Other Investments, Cgeatint Consideration
Fabricated Metals Excluding Machinery 1 1  Auction Rate Securities

Industrial and Commercial Machinery 6 25 Priviatity, Corporate Debt, Venture Capital
Electric Excluding Computers 6 29 Auction RageBities
Transportation Equipment 1 4  Asset-Backed Sgesiri
Measuring, Analyzing, and Controlling 3 17 AocdtiRate Securities
Miscellaneous Manufacturing 2 3 Non-Specificilzatives
1

Motor Freight Transportation 10 Auction R&eurities

Transportation by Air 2 3  Energy Derivatives} &id Natural Gas
Transportation Services 1 2 Other Investmerdsti@gent Consideration
Electric, Gas, and Sanitary Services 24 146 Sloecific Derivatives

Wholesale Trade- Durable Goods 1 2  Other Investsn Contingent Consideration
General Merchandise Stores 2 5  Auction RaterBiesu

Apparel and Accessory Stores 1 1  Auction Rateigees

Eating and Drinking Places 1 2 Auction Rate Htes

Business Services 8 25 Non-Specific Derivatives

Nonclassifiable Establishments 1 8 Private By@brporate Debt, Venture Capital

86 378

Dependent Variable

The dependent variaBléor this study is obtained in a two-step proceBsst, firms with
realized and unrealized gains/losses on Level &ssse identified via XBRL data provided by
Calcbench, Inc. Second, the amounts in the showimei XBRL data are vouched to the
appropriate EDGAR fillings. The XBRL tag used temdify firms in the sample is:

“FairValueMeasurementWithUnobservablelnputsRecateinRecurringBasisAssetGainLossIn

" The XBRL data for this study was graciously pr@ddy Pranav Ghai and Alex Rapp of Calcbench, Inc.
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cludedinEarnings” which is defined by the XBRL tawmy as, “This element represents total
gains or losses for the period (realized and urzed), arising from assets measured at fair value
on a recurring basis using unobservable inputs€L®); which are included in earnings or

resulted in a change in net asset value” (http:¥xalarl.org/2003/role/link).

This XBRL item contains both realized and unreadigains/losses associated with Level
3 assets. However, management still has discretienthe realized gains/losses recorded for
Level 3 assets in periddbecause management is able to use fair value atteguo determine
the ending periott1 value which is the beginning value in perio@he beginning value in
periodt is used to calculate the realized gain/loss orséthe of the Level 3 asset in period
Thus, both the realized and unrealized gains/Idesdsvel 3 assets are subject to managerial

discretion.

Independent Variables of Interest

The three proxies for management’s aggressiverseskin this study are the absolute

value of discretionary accruals, composite reaveiets manipulation, and reported

earnings that meet or beat analysts’ consensasdsts.

Absolute Value of Discretionary Accruals

Jones (1991) investigates whether firms that pettil the United States International
Trade Commission (ITC) for import protection intemially used accruals to report artificially
lowered earnings during the relief petition periddis pioneering study noted that ITC
regulators did not adjust the petitioner’s finahsiatements for the impact of accruals, and the
author developed an expectations model for the isoretionary component of total accruals.

The Jones Model expresses total accruals as dadaraftthe reciprocal of total assets, gross
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property plant and equipment, and changes in tet&nues. The residuals from within-firm

(i.e., time-series) Ordinary Least Squares (OLS8jnedion of total accruals are deemed to be the
discretionary component of accruals. Jones (188d3 evidence that discretionary accruals are
income-decreasing during the ITC investigations,darhaps her most important contribution
was the development of an expectation model of &émteruals that is the basis for many earnings

management studies.

Dechow et al. (1995) test several accrual-basedrggs management models against one
another and report on the relative frequenciegge t errors, type Il errors, and whether any of
the models consistently distinguishes extreme firperformance from earnings management.
One model considered by the authors is a modifezdion of the Jones model which assumes
that all changes in accounts receivable are ptinelyesult of earnings management. This
model, known as the Modified Jones Model, was fotwaniole superior in detecting revenue-based
earnings management and no different in its altititgetect expense-based earnings
management compared to the Jones Model. Dechalv(@995) find that while none of the
models tested could isolate extreme financial parémce from earnings management, the

Modified Jones Model generally outperforms the othedels.

Both of the previously discussed studies used-sares versions of the Jones and
Modified Jones Models. Originally developed by @&l and Jiambalvo (1994), the cross-
sectional versions of the Jones Model and Modifiedes Model estimate discretionary accruals
for cross-sections of firms grouped by two-digiCSlode and year. Subramanyam (1996) uses
the cross-sectional Jones Model to examine wheliseretionary accruals are priced by the

stock market. He concludes that the discretiomamponents of accruals are priced by capital
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markets and acknowledges that this finding provatesther motivation for earnings

management.

Bartov, Gul, and Tsui (2001) examine the relatimm®etween discretionary accruals and
audit opinion qualifications, but the authors doasthin the context of testing the time-series
Jones Model and Modified Jones Models against thiess-sectional counterparts. They
conclude that only the cross-sectional variantsisbently detect earnings management. These
findings provide additional empirical support foetsuperiority of the cross-sectional versions of

the discretionary accruals models over their tiriees counterparts.

DeFond and Jiamblavo (1994) modified the existingetseries based models of
discretionary accruals originally developed by 30£1©91) for cross-sectional estimation. The
cross-sectional estimation groups firms by twotdgjC code and year. One advantage of cross-
sectional estimation is that the researcher doeseed to determine an “estimation period” (i.e.,
periods without earnings management whereby pasrastimates are obtained) and an “event
period” (i.e., periods where earnings managememyp®thesized). The cross-sectional model
provides parameter estimates used to calculatavitiage amount of accruals for each industry
and year without the researcher partitioning thema based upon prior beliefs about the
likelihood of earnings management. Subramanyar@g)LStates that a second advantage of the
cross-sectional models are more precise paransierates. Bartov, Gul, and Tsui (2001) note
that a third advantage of the cross-sectional nsadehat they are less subject to survivorship
bias than their time-series counterparts. Basdati@findings above, the cross-sectional

Modified Jones Model is used to estimate discretigmaccruals.
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Discretionary accruals are deemed to be the alesefltie of the residual from the
following regression equation. Following prior dies, the regressions are run for each two-digit
SIC code and year combination. Appendix 1 mathiealit shows that discretionary accruals
and unrealized gains/losses on Level 3 items anédyjaetermined. This induces simultaneity
bias into OLS parameter estimates. Thus, laggeatetionary accruals is used in the empirical

models in the current study:

TAit/ ATQitq = El(l/ATQit_4) + EZ [AREVTQit—ARECTQit

1 + B3(PPEGTQ;, /ATQ;_4) + €

ATQit—4
1)
where
TA= Total Accruals defined as IBQ-OANCFQ
ATQ= Total Assets- Quarterly

AREVTQ= Change in REVTQ between perioahd period-4, where
REVTQ= Total Revenue- Quarterly

ARECTQ=  Change in RECTQ between peri@hd period-4, where
RECTQ= Net Receivables- Quarterly

PPEGTQ=  Gross Property, Plant, and Equipment- @uhgart

Composite Real Activities Manipulation

The second proxy, RAM, is obtained from the estiamaémployed in prior studies (e.qg.,
Roychowdhury 2006; Cohen et al. 2008). Roychowdi(2006) builds upon the analytical
models of the financial accounting process develdpeDechow, Kothari, and Watts (1998) to
estimate normal levels of cash flows from operatjgroduction, and discretionary expenses.
Roychowdhury (2006) classifies firms which are elts, but on the right-side of, a zero-

earnings target as “suspect firm-years.” He wiites these firms may have willfully engaged in
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various operating decisions to ensure positivengetme was reported. Such operating
decisions, referred to as real activities manipotteRAM), would impact cash flow from
operations, production, or discretionary expenSescifically, firms may increase current sales
via offering steep discounts (resulting in lowearitexpected cash flow from operations), firms
may increase current period production to lowet obgoods sold (resulting in higher than
expected production), or firms may decrease cupenod discretionary expenses (resulting in
lower than expected discretionary expenses). Battese decisions allows firms to report
higher current period net income and may resuténfirm reporting earnings just to the right of
the zero earnings benchmark.

Cohen, Dey, and Lys (2008) combine abnormal casfrsfl abnormal production, and
abnormal discretionary expenses into a single, csitgpmeasure of RAM which is the sum of
each individual RAM component. Kim and Park (20ak¥p use a composite RAM measure
with a positive expected value in the event thangi are engaging in RAM. In order to get
abnormal CFO, abnormal production, and abnormareli®nary expenses, | estimate the
following models. Similar to the discretionary agas models, each of the following

regressions are run for each two-digit SIC codeyesrat combination:
OANCFQu/ATQus = BiGey ) +Ba(SALEQw /ATQu—s) + B3(ASALEQ/
it—
ATQir-4) + €t (2)

PROD;i/ ATQit-4 = B1(1/ATQir—4) + B2(SALEQ;; /ATQ;—s) + B3(ASALEQ;, /

ATQi;_4) + B4(ASALEQ;,_4 /ATQj_4) + €y 3)
DISEXP:/ ATQit.a = B1(1/ATQi_s) + B2(SALEQ;_4 /ATQii_y) + € 4)
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where
OANCFQ= Cash Flow from Operations- Quarterly

ATQ= Total Assets- Quarterly

SALEQ= Sales- Quarterly

ASALEQ= Change in SALEQ between periaghd period-4
PROD= COGSQ AINVTQ, where

COGSQ= Cost of Goods Sold- Quarterly
AINVTQ= change in INVTQ between periaénd period-4
INVTQ= Inventory- Quarterly
DISEXP= XRDQ + XADQ + XSGAQ, where
XRDQ= Research and Development Expense- Quarterly
XADQ= Advertising Expense- Quarterly
XSGAQ-= Selling, General, and Administrative ExpenQuarterly
Abnormal Cash Flow from Operations, AB_CFO, is defi as the residual from model
(2), abnormal production, AB_PROD, is defined asrésdual from mod€(3), and abnormal
discretionary expenses, AB_DISEXP, is definechagésidual from modé#), respectively.

The composite measuf®AM is measured as AB_PROD - AB_CFO - AB_DISEXP.

Meet-or-Beat Analysts’ Consensus Forecasts

Bartov et al. (2002) find that cumulative abnormelirns are associated with firms
reporting earnings that are consistent with magkeectations. This result continues to hold in
cases where reported earnings were likely manigdifeia discretionary accruals or analysts
themselves were influenced by the company to ibsagable earnings forecasts. These findings
provide direct economic incentives for managersrigage in aggressive financial reporting.
Analyst forecast data is obtained from the I/B/B#$aset. | define MBE as the third proxy for
aggressiveness, which is an indicator variable leguane if the firm reports “Street” earnings

that are greater than or equal to the most recalyst consensus estimates.

30

www.manaraa.com



Control Variables

Empirical application of finance theory to contfot changes in the carrying values of
Level 3 assets is problematic. As previously sta#eSC 820 does not alter the scope of which
items are reported at fair value. The objectivd8C 820 is to provide guidance over the proper
valuation methods and disclosures associated teithsi that are required to be carried at fair
value in accordance with other FASB Codificatiomnstards. Firms typically disclose only high-
level descriptions of what the Level 3 assets &i@. example, in 3M’s (3M) 2009 10-K, the
firm describes in Notes 9 and 13 that the Leved$ets are “auction rate securities that represent
investments in investment grade credit default Swap(Note 9) and “As discussed in Note 9,
auction rate securities held by 3M failed to auttmce the second half of 2007. As a result,
investments in auction rate securities are valsagubroker-dealer valuation models and third-
party indicative bid levels in markets that are active. 3M classifies these securities as Level

3.7

American Electric Power (AEP) is a second exaropke firm with Level 3 assets. In
AEP’s June 30, 2012 10-Q the firm defines Finantrahsmission Rights (FTRS) as, “A
financial instrument that entitles the holder togige compensation for certain congestion-
related transmission charges that arise when tivepgrid is congested resulting in differences
in locational prices.” In Note 8, the company dészs the FTRs as, “Certain OTC and
bilaterally executed derivative instruments arecexed in less active markets with a lower
availability of pricing information. Long-dated éilliquid complex or structured transactions
and FTRs can introduce the need for internally gesl modeling inputs based upon

extrapolations and assumptions of observable mdektatto estimate fair value. When such
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inputs have a significant impact on the measuremgfatr value, the instrument is categorized

as Level 3.

These two examples illustrate both the heterogenéievel 3 assets held by firms and
the inability to use inputs included in traditionidrivatives pricing models in this research
design. Neither 3M nor AEP provide further detailshe specifics in Level 3 assets. In the
case of 3M, the probability of default is not atdeébe controlled for with respect to valuation
changes in the Level 3 assets because the cordrdetiails of the credit default swap (e.g.,
counterparty identity, time to expiration of theagwy specifics of the payoff should the swap be
exercised, etc.) are not disclosed in the 10-K.PAHlisclosures are not detailed enough to use
the Black-Scholes formula to control for valuatranges relating to the derivate FTRs based
upon characteristics of the underlying (e.g., pra#atility, time, etc.). Therefore, the empitica
model used in this study uses macroeconomic vasabl control for valuation changes in the
Level 3 assets. Specifically, | follow Hutchinsdwm, and Poggio (2012) for the market-wide

variables applicable to changes in the values géL8 assets.

Hutchinson et al. (2012) include the three-morghgury yield as a proxy for the risk-
free rate. They also calculate the standard dewiaf continuously compounded daily returns
over the preceding 60 day period as a proxy foatgly. This measure of volatility is not
possible in the current study due to the natutb@ftisclosures firms provide about Level 3
assets. Instead, the Chicago Board Options Exeh@BOE) Volatility Index (VIX) is used as
a measure of volatility relating to options and tprterly standard deviation of the S&P 500
(SP) is used as a measure of volatility relatinggoities. Prior studies (e.g., Valencia 2011;
Fiechter and Meyer 2009) control for firm size d&ewkrage when estimating unrealized

gains/losses for Level 3 assets. | include tharabtog of the firm’s market capitalization
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(LMVE) and the debt-to-assets ratio (LEV) at thgihaing of the quarter to respectively control
for size and leverage. Indicator variables basedsset type (e.g., auction rate securities, asset-
backed securities, collars, power, and physicalmodity derivatives, mortgage-backed
instruments, etc.) are included due to the diveedare of the Level 3 assets. Fiechter and
Meyer (2009) demonstrate that financial serviceadiuse fair value estimates to smooth
earnings, and | include return on assets (ROA)rasasure of profitability in the current study.
Lastly, despite recent papers from Lawrence €pall1), Chang et al. (2011), and Boone et al.
(2010) showing an erosion of audit quality acrasditars in different “tiers,” the audit quality
debate is far from settled. Accordingly, an intlicas included if the firm has a Big-4 auditor,

else 0.

Empirical Model
To test H1, | estimate the following empirical natid

FVE; = Bo + B1AGGR;; + B,TREAS, + BsVIX; + B,SP, + BsLMVE;, + BsLEV;, + B,ROA;, +

BsBIG4; + Y155 B; TYPE + €, (5)

where

FVE= Total gains/losses included in earnings eeldb Level 3 assets per ASC 820
scaled by Level 3 assets at the beginning ofjtizster

AGGR= DA, RAM, or MBE, where

DA= Lagged absolute value of discretionary accriras the Cross-sectional
Modified Jones Model

RAM= Composite RAM measure calculated as abnopraduction minus
abnormal cash flow from operations minus abnornsadrdtionary expenses
MBE-= Indicator variable equal to one if the firniStreet” earnings per share is
greater than or equal to the most recent analgstssensus estimate, else O.
Definition based on SURPAMNT from I/B/E/S.

TREAS= Three-month U.S. Treasury yield

VIX= Closing price of the VIX on the date of th8-K/10-Q issuance

SP= Quarterly standard deviation of the S&P 5@i&in

LMVE = Natural log of the firm’s market capitalizah (e.g., Ln(MKVALTQ)), where
33
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MKVALTQ= Sum of all issue-level market values, inding trading and non-
trading issues
LEV= debt-to-assets ratio defined as LTQ/ATQ imipet-1, where
LTQ= Total liabilities- Quarterly
ATQ= Total assets- Quarterly

ROA= Return-on-assets defined as NIQ/Average Allgre

NIQ= Net Income- Quarterly
BIG4= Indicator variable equal to one if the firsnaudited by a Big 4 auditor, else 0
TYPE= Indicator variable for Level 3 asset type

In model (5) positive and statistically significarttefficients forg; provide support for H1.

V. Results
Descriptive Statistics

Panel A of Table 4 reports descriptive statistidascaled realized and unrealized
gains/losses on Level 3 instruments (UNSCALED F\#Hypically positive for non-financial
services firms that hold Level 3 items. The mefrealized and unrealized gains/losses is a gain
of approximately $4.8 million. Prior literature.ge Fiechter and Meyer 2009, Kolev 2009,
Valencia 2011) does not directly report summargisttes of unscaled realized and unrealized
gains/losses that are included in earnings. Tperm#ent variable (FVE) used in the current
study is realized and unrealized gains/losses eelLZinstruments that are included in earnings,
scaled by lagged total assets. Once scaled bgdaigpgal assets, the mean of FVE is -.0003 and
the median is 0.00 even though the mean of thealedwariable is positive. This is due
COMPUSTAT reporting most financial statement dateluding total assets, in millions. Firms
with less than 1 million in total assets will haavélecimal included in the denominator used for
scaling.

The mean of level 3 holding gains and sales, sdajadarket value of equity, reported

by Kolev (2009) is -.039 and the median is 0.00@lencia (2011) primarily focuses on
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unrealized gains, but one model includes realizdsy While Valencia (2011) provides
summary statistics for unrealized gains, scalethbged total assets, he does not report the mean
or median of realized gains. Thus, | am not abléitectly compare my dependent variable to
Valencia’s, but the scaled unrealized gains useddigncia (2011) have both a mean and
median equal to 0.00. Fiechter and Meyer (2009) provide descriptive statistics for level 3
unrealized gains and losses, scaled by laggedyedbihce my dependent variable includes both
realized and unrealized gains/losses my dependeiatole is not directly comparable to Fiecther
and Meyer’s, but the reported mean of the scaleidbla used in their study is also negative (-
.012). In summary, two prior fair value accountstgdies have reported scaled dependent
variables with medians that are equal to 0 andpgxar fair value accounting studies have also
reported negative means of scaled dependent vesiallhe mean of FVE reported here is closer
to zero than either of the other papers that repanegative means, but this is likely due to two
reasons. First, the sample | use does not coatajiriinancial services firms while the sample
used by authors consists of only financial servicess. Level 3 assets held by financial
services firms may be systematically different thasse held by non-financial services firms.
Second, those authors scaled by lagged equity Whkdale by lagged total assets.

Cohen, Dey, and Lys (2008) report descriptive stias for discretionary accruals that are
in accordance with the absolute value of discretipaccruals reported in Table 4. Using a full
sample with 82,217 observations, the mean of tBelate value of discretionary accruals from
Cohen, Dey, and Lys (2008) is .11. In the curetatly, the mean of the absolute value of
lagged discretionary accruals is .107. Estimatesgned discretionary accruals (untabulated) in
the current study are also nearly identical to ¢hafsCohen, Dey, and Lys (2008). Specifically,

the mean of signed discretionary accruals in bagieps rounds to 0.00.
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Kim, Park, and Wier (2012) define composite regivities manipulation as abnormal
cash flow minus abnormal production plus abnormadipction. They report that the median of
composite real activities manipulation is .072ddull sample which consists of 18,160
observations. Composite real activities manipataits defined differently in the current study,
but when measured in accordance with Kim, Park \&ied (2012) the median of composite real
activities manipulation (untabulated) is .075. 3éeesults are nearly identical to those of Kim,
Park, and Wier (2012).

Two of the three components of real activities rpaldtion have negative expected
values for firms that engage in real earnings maatpn. Specifically, actual cash flows from
operations and actual discretionary expenses wilbtwer on average than their respective
estimates from OLS regressions when firms engagesinactivities manipulation. This causes
the residual from the regression, which is alsoeftemate of abnormal cash flows or expenses,
to be negative. The RAM construction in this pagarounts for this by defining RAM to
become positive and relatively larger for firmstteagage in real activities manipulation (e.g.,
RAM is defined as abnormal production minus abndwecaah flow from operations minus
abnormal discretionary expenses). The mean vdIRAM for the full sample is -.096
indicating that the firms in the sample may not tes# activities manipulation as an earnings
management tool. However, descriptive statisegarding the prevalence of RAM do not by
themselves provide any evidence about opporturfistis using Level 3 instruments to manage
earnings. The mean value of RAM within the estiorasample only shows whether the firms
tend to engage in real earnings management or not.

Matsumoto (2002) reports MBE frequencies derivedhfZacks earnings surprise file.

She shows that the percent of firm-quarters whetigahearnings are greater than or equal to
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analysts’ consensus estimates clearly increaseimid-1990’s. The highest percentage of
MBE activity occurs in 1997 with 70.1% of the firquarters in her sample met or beat analyst
forecasts. The percentage of firm-quarters whalehmet or exceeded Wall Street’s
expectations in the current study are only onegrgroigher than the peak frequencies reported
by Matsumoto (2002). The mean and median of MBioned in Table 4 are .714 and 1,
respectively. Firms in the sample meet or bealyatsa consensus estimates more often than
not.

The mean of the three-month treasury yield, TREASpproximately 10 basis points.
This relatively small yield is due to the roundsjofntitative easing and near-zero interest rates
initiated by the Federal Reserve subsequent teubprime financial crisis. The debt-to-asset
ratio, LEV, is smaller in this sample comparedrte tinancial services firms studied by Valencia
(2009). The debt-to-asset ratio reported by Vake(R009) is .909 while the same measure in
the current sample is .57. Non-financial serviogss that hold Level 3 investments tend to be
less highly levered than financial services insibtus with the same types of instruments.

The mean of the Big 4 indicator variable is .9T@licating that only two of the 82 firms
in the sample are audited by non-Big 4 firms. Thiae marginal effect of a Big 4 auditor on
FVE will be imprecisely estimated in the empiricabdels that follow.

Panel B of Table 4 reports average levels of disnrary accruals after grouping firms
based on whether FVE is greater than zero, lessz#@®, or equal to zero. A total of 44 firms in
the sample have FVE equal 0. These firms reporbectalized gains/losses (i.e., no sales of
Level 3 instruments) and no unrealized gains/lofses no market to market adjustments to
Level 3 instruments held at the reporting periottldlaThe average value of DA for these firms

is .137 which is larger than the unconditional me&ari07 for DA. As shown in Table 4, 148
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firms report positive values of FVE. The mean éf for this subset of firms is .124 which is
also higher than the unconditional mean of .107DfAr Lastly, in the 135 firms with negative
values of FVE, the mean of DA is .078 which is derahan the unconditional mean of DA.
Average DA in the positive and breakeven FVE grasgggher than in the firms that reported
negative FVE. DA is slightly higher in the breakavgroup than in the positive FVE group, but
the means are numerically close and simply lookingeans is not conclusive evidence of a
difference. A statistical test which would takéoiccount the variance of the means is
necessary for conclusive support of a differenagisoretionary accruals between the positive

FVE firms and the breakeven FVE firms.

T-tests of differences in mean discretionary adsraeross the FVE conditions are
reported at the bottom of Table 4. The reporte@ipes are for the alternate hypothesis that the
mean in the first condition is greater than the mieahe second condition (i.e., the difference in
means is greater than zero). The t-test compatteeInean DA for firms that reported positive
FVE vs. the mean of DA for firms that reported zEME 2) the mean of DA for firms that
reported positive FVE vs. the mean of DA for firthat reported negative FVE 3) the mean of
DA for firms that reported zero FVE vs. the mearéf for firms that reported negative FVE.
Statistically significant differences in averagsaletionary accruals at the one-tailed, 10% level
are detected for the positive FVE firms vs. theatg FVE firms (p =.076) and for the
breakeven FVE firms vs. the negative FVE firms (@64). No significant difference is found
between the positive FVE firms and the breakevek Eims. The results in Table 4, while not
conclusive by themselves, provide a rich descniptibmanagement’s use of discretionary
accruals across the various conditions of real@etiunrealized gains/losses on Level 3

instruments.
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Panel B of Table 4 also reports the mean valuésAdfl after grouping firms based on
whether they report positive values of FVE, negatiglues of FVE, or FVE equal to zero for the
applicable financial reporting period. The meaméiM is negative in each group, but firms
that report positive values for FVE engage in nfe#M than the other two groups. The
expected value of composite RAM is constructeduchsa manner that RAM becomes larger as
firms engage in larger amounts of real activitiemipulation. The mean of RAM is largest in
the positive FVE group since this number is closegero (e.g., -.079 is a larger number than -
.139 and -.096). However, while the values of RAdfoss the groups range from -.079 to -.139

there are no statistically significant differencesiverage RAM across the FVE conditions.

As shown in Panel B of Table 4, the average of NBEigher in the positive and
breakeven FVE conditions than in the negative FeBEddion. This is consistent with firms
reporting larger realized and unrealized gains evel 3 instruments also meeting or beating
analysts’ forecasts more frequently. The onlyistiatlly significant difference in MBE activity

is between the breakeven FVE group and the negBtit¥egroup (p=.023).
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Table 4
Descriptive Statistics

Panel A:

Variable Mean Median Sd P25 P75

FVE -0.0003 0.00 0.01 0.00 0.00
UNSCALED FVE 4.82 0.00 51.16 -2.00 2.10
DA 0.107 0.02 0.26 0.01 0.07
RAM -0.096 -0.08 0.29 -0.16 0.00
MBE 0.714 1.00 0.45 0.00 1.00
TREAS 0.10 0.09 0.06 0.06 0.16
VIX 23.48 17.75 8.79 17.59 25.61
SP 36.91 33.48 1458 27.91 40.33
LMVE 9.23 9.32 1.38 8.19 9.97
LEV 0.57 0.60 0.17 0.47 0.71
ROA 0.02 0.01 0.02 0.01 0.03
BIG4 0.976 1.00 0.15 1.00 1.00
Pand B:

Variable DA RAM MBE

Variable Mean When:

FVE >0 0.124 -0.079 0.728
FVE=0 0.137 -0.139 0.822
FVE <0 0.078 -0.096 0.668
T-Tests: p-value p-value p-value
Difference in Means FVE >0 vs. FVE=0 0.383 0.133 .900
Differencein Means FVE >0 vs. FVE<O 0.076 0.355 0.118
Differencein Means FVE=0vs. FVE <0 0.064 0.753 0.023

Variables: FVE is realized and unrealized gainséssn period t scaled by total assets in period
t-1. UNSCALED FVE is realized and unrealized gainsgks without any scaling. DA is
absolute value of discretionary accruals in petiddrom Dechow et al. (1995). RAM is
composite real activities manipulation defined d&smérmal Production minus Abnormal Cash
Flows from Operations minus Abnormal DiscretionBrpenditures. Each RAM component
was estimated as in Cohen and Zarowin (2010). BihRAM are both Winsorized at the 1%
level. MBE is an indicator variable equal to ohthe firm's "Street" earnings are greater than or
equal to the most recent analysts' consensus ¢ésima@REAS is the three-month yield on US
treasuries. VIX is the closing price of the CBOBIafility Index. SP is the quarterly standard
deviation of the S&P 500 Index. LMVE is the natuog of the market value of equity. LEV is
the debt to assets ratio in perietl ROA is the return on assets ratio in petio®1G4 is an
indicator variable equal to one if the firm is aediby a Big 4 auditor.

The reported p-values are based on tailed tests.
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Correlations among the variables of interest goented in Table 5. FVE is not significantly
correlated DA, RAM, or MBE. There are also no ffigant correlations between FVE and the
macroeconomic variables used as measure for oveaalet conditions (e.g., TREAS, VIX, and S&P).
The macroeconomic variables reported in Table Begrerted in levels. It is reasonable to sugdest t
differences in macroeconomic indicators, rathentie actual levels, drive valuation changes inel&v
instruments. | repeat the correlation analysiagiiie first differences of TREAS, VIX, and SP &he
(untabulated) results are nearly identical emgisicaNone of the differenced macroeconomic vamsbl
are significantly correlated with FVE.

The lack of correlation between TREAS, VIX, andiSBoth troubling and difficult to explain.

It is fairly common for firms to disclose that tBéack-Scholes Model is used to price Level 3 haigin
The risk-free rate (TREAS), volatility in equiti€SP), and volatility in options (VIX) are directdnts
into the Black-Scholes Model, yet none of thesaiis@re individually correlated with FVE. These
results are surprising, but Level 3 instrumentscaraplex, heterogeneous, and highly subject to
managerial discretion. It may be that isolatinyation changes and gains/losses from sales isuliff
in the current financial accounting reporting framek where firms typically only include a few broad
sentences about their Level 3 holdings.

Noteworthy inferences from the correlation matriglide the lack of a negative and significant
univariate correlation between DA and RAM. Someieital evidence exists which suggests that RAM
and DA are substitutes for each other in the pasb&hes-Oxley financial reporting environment (e.g.
Cohen et al. 2008). However, firms in this santfaenot appear to trade between RAM and DA. This is
perhaps because, on average, firms in the sampleoaheavy users of RAM. This is indicated by the
negative value of composite RAM discussed previouslowever, both DA and RAM are negatively and
significantly correlated with BIG4. This resuldicates that Big4 auditors constrain both real and
accruals based earnings management and is comnsi#iethe literature (e.g., Cohen, Dey, and Lys
2008). Cohen, Dey, and Lys (2008) also find thate is a significant and negative association &etw
firm size and accruals-based earnings manageniéig.finding is present in my sample, as shown via

41

www.manaraa.com



the negative and significant correlation betweend»d LMVE in Table 5. Lastly, while LEV is
positively and significantly correlated with RAMJA and RAM and are negatively and significantly
associated with each other. These results sutigesis firms take on more debt, they are mordyiitce

engage in real earnings management while firmsatteaimore profitable are less likely to manage

earnings via RAM.
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Correlation Matrix

Table 5

1 FVE

3 RAM

4 MBE

5 TREAS

6 VIX

8 LMVE

9 LEV

10 ROA

11 BIG4

FVE
1

0.06
0.31
0.02
0.75
0.05
0.35
0.08
0.13
-0.01
0.82
0.01
0.85
0.09*
0.09
-0.06
0.24
0.26***
0.00
0.05
0.36

DA

0.04
0.62
0.08
0.17
0.12**
0.03
-0.07
0.19
-0.06
0.29
0.04
0.53
-0.11**
0.05
0.00
0.97
-0.11**
0.05

RAM

-0.01
0.89
0.07
0.33
0.08
0.22
0.10
0.17
-0.07
0.34

0.18***

0.01

-0.18***

0.01

-0.12*

0.10

MBE

1

0.14%+*
0.01
0.02
0.70
-0.03
0.51
0.28***
0.00
-0.08
0.12
0.19***
0.00

0.0944*

0.07

5
TREAS

1

0.18***
0.00
0.08*
0.09
0.11*
0.03
0.01
0.82
0.04
0.44
-0.02
0.66

VIX

0.85***
0.00
0.00
0.96
0.00
0.98
0.00
0.92
-0.03
0.55

SP LMVE

1

-0.05 1
0.34

0.01 0.18
0.89 0.00

-0.07 @2%*
0.15 0.00
-0.020.12**
0.75 0.03

9 10 11
LEV ROA BIG4
1
-0.31*** 1
0.00
0.13%+* -0.03 1
0.01 0.58

Variables: FVE is realized and unrealized gainslasses in periotiscaled by total assets in periedl. DA is absolute value of discretionary accruals
in periodt-1 from Dechow et al. (1995). RAM is composite raetivities manipulation defined as Abnormal Prodrciminus Abnormal Cash Flows
from Operations minus Abnormal Discretionary Exgamés. Each RAM component was estimated as ire@@md Zarowin (2010). DA and RAM
are both Winsorized at the 1% level. MBE is aridatbr variable equal to one if the firm's "Stree#itnings are greater than or equal to the moshtec
analysts' consensus estimates. TREAS is the thoeeh yield on US treasuries. VIX is the closinge of the CBOE Volatility Index. SP is the
quarterly standard deviation of the S&P 500 IndeMVE is the natural log of the market value of #gu LEV is the debt to assets ratio in pertet
ROA is the return on assets ratio in pefio@IG4 is an indicator variable equal to one if threnfis audited by a Big 4 auditor.

o apd**indicate two-tailed significance ahe .10, .05, and .01 levels, respectively.
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Multivariate Results

The three models to test H1 are reported adjdoamte another in Table 6. As is the
standard in most statistical software packages;ebdts in Table 6 are for two-tailed tests of the
null hypotheses that each coefficient is indivitjuabual to zero. However, accounting and
finance theory both support the notion that DA, RAId MBE are positively related to FVE.

A one-tailed test that the coefficients of DA, RA&d MBE are greater than zero is appropriate
in this case. Prior literature gives no theoréticaempirical reasons to believe or suspect that
these parameters are less than zero. Mathemgtitedts of H1 under the null hypothesis and

alternate hypotheses are:

Hoiﬁi < 0

Hl:ﬁi >0

while the results from regressions provided byistiaal software packages, and shown in Table

6, assume the following null and alternate hypabkes

Hy:B; =0

Hllﬁi 0

Hogg, Craig, and McKean (2013) provide excellergasition on the differences
between one-tailed and two-tailed tests of hyp@ked hey compare large sample two-sided
tests for the mean against large sample one-sgdtsl for the mean. The example used pertains
to a new teaching method. Exam scores of studgmsvere taught under the new method are
compared to exam scores of students taught underldhmethod. If there is reason to believe

that the new method is better, then a one-sidedstesed. The average exam score of students
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taught under the new methofl, is compared to the average exam score of studedtr the old
method,u,. The intuition behind a one-tailed test is tiiaf is much larger thap, the null

hypothesis thak is less than or equal to zero is rejected. Assgrtiiat the exam scores, X, are

normally distributed, then for a givenlevel S/\;: is distributedt,, ,,_;. The decision to reject

-
a one-sided test is expressed formally as, “Réjgah favor ofH, if T\;: >ten-1 (HOQQ,

Craig, McKean 2013, 245). Conversely, a two-sitkstl is formally expressed as, “Rejégtin

X_
favor of H if IT&: | >tq/2n-1 " (Hogg, Craig, McKean 2013, 249).

Two differences are readily apparent from the ddeesand two-sided formal
expressions. First, the two-sided test is an abselalue inequality. Second, the alpha level in
the two-sided test is divided by 2. The reasorttierdivision by 2 in a two-sided test is related
to the symmetry of the t distribution. Since th&ribution is symmetric, the alpha level (e.qg.,
.05 at traditional statistical significance threlslsd is equally allocated to each of the two tails.
A relatively large positive or relatively large regiye test statistic results in the rejection @& th
null since the hypothesis test “looks” in bothgaif the distribution. In contrast, a directional
hypothesis test only “looks” in one of the tiildVooldridge (2009) writes of one-tailed tests,
“For some reason, perhaps on the basis of intréigpear economic theory, we are ruling out

population values of3; less than zero.” For empirical tests of the diog@l H1 contained in

8 Note that while the mechanics of one-sided anddigded tests of means are identical to hypothests bf
regression coefficients, there are several diffeesnn the construction of the regression tesissitt. The OLS

first order conditions require thg-, @i; = 0 and Y.}, @i;x; = 0. This requires sigma squared to be divided by n-2
to account for the two degrees of freedom losteyfirst order conditions. The appropriate degafdseedom for

the t test are also based on the number of obgemgah the regression minus the number of parametgimated.
Some authors show this ak-1 degrees of freedom for the t test.
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this study, only large and positive test statigticsvide information to support the alternative
hypothesis that management’s aggressiveness incfadaeporting is positively associated with
realized and unrealized gains/losses on Level &sgise., that the coefficients of DA, RAM,

and MBE are greater than zero).

As stated previously, the regression output fromous statistical software packages
contains p-values that include the total area ubd#r tails of the t distribution. This is not the
appropriate p-value for a one-sided hypothesis bestone may easily convert the two-sided p-
value to see the p-value associated with a dinealtitest by simply dividing the p-value reported
in the regression output by 2. For example, stegkession output with a p-value of .10 for a
two-tailed test is equal to a one-tailed test psgadf .05 which would be statistically significant
at conventional levels for a one-sided test. Twalpes associated with DA, RAM, and MBE in
Table 6 must all be divided by 2 to obtain the esponding one-sided tests of H1 assuming the

reported coefficients are positive. Negative doefhts provide no support for H1.

Discretionary Accruals and FVE

The coefficient of DA is .0019 and is both posatand significant (p= .041) at
conventional levels in a one-sided test. Therefddeis supported using DA as a proxy for
management’s aggressiveness in financial reporfifige interpretation of the coefficient is that

FVE increases by .0019 per a one-unit increaseAih@lding other factors constant.

When regressors have different natural “scaless’ritot possible to use the stock output
from an OLS regression to determine which coefficleas the largest relative influence on the
dependent variable. Wooldridge writes, “In a seddOLS equation, it is not possible to simply

look at the size of different coefficients and doe that the explanatory variable with the
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largest coefficient is the ‘most important” (Woaoidge 2009). This is because of the
interpretation of OLS coefficients. Each coeffidién a multivariate regression equation may be

interpreted as a partial derivative. Specificalhe marginal effect of an independent variable on
the dependent variable may be expressed usinglpdetivatives as:% = [,. This measures

the change in the dependent variable per changeamnit of each independent variable and is,
accordingly, sensitive to the measurement unitb®independent variables. In order to directly
compare the relative magnitudes of each regredsostandard OLS equation must be
transformed. Subtracting the mean and dividinghieystandard deviation of each variable
before running the regression changes the interfowatof each coefficient in the model. These
transformed coefficients are often referred tosaaridardized coefficients” or “beta
coefficients.” The interpretation of the standaedi coefficients is the change in standard
deviations of the dependent variable per a onalatdrdeviation change in each independent
variable holding other factors constant. The stadided (untabulated) coefficient for DA is
.1015. The interpretation of the standardizedfa@ent is a one standard deviation increase in

DA increases FVE by .1015 standard deviations.

Since DA is defined as an absolute value, FVE isatanically increasing in DA. Even
when firms have lower than average values of DAyesof FVE will be higher than if the firm
had no discretionary accruals. This evidence msistent with aggressive firms, as defined by
higher values of DA, minimizing realized and unieadl losses on Level 3 instruments.
Opportunistic firms may even use financial repaytitiscretion to wholly avoid losses by
reporting no change in Level 3 instruments (i.eeaking even) or perhaps even reporting
positive changes in earnings related to the uraedlportion of Level 3 valuation changes (i.e.,

mark to market adjustments). Additionally, oppaistic firms may use operational discretion to
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“cherry pick” Level 3 assets to sell during theipdrto increase earnings via the realized portion

of FVE. Support for this conjecture is providedhe following paragraph.

The F statistic for the first model is 3.20 whishsignificant at conventional levels
(untabulated; p <.0001). The null hypothesis #ilabf the estimated parameters are jointly
equal to zero is rejected. Other than DA, only oteer variable is significant at conventional
levels using two-tailed tests of significance. sTtariable is the BIG4 indicator variable which,
interestingly, has a positive coefficient. Accangttheory has largely suggested, at least since
the early 1980’s, that larger auditors provide Righuality audits. However, recent evidence
from Lawrence et al. (2011), Chang et al. (20144 Boone et al. (2010) provides compelling
evidence that this is no longer true in the posk®@vironment. The evidence in the first
model shows that firms with larger auditors alseehi@rger values of FVE. This may suggest an
inability of larger auditors to constrain opportstig reporting of realized and unrealized
gains/losses on Level 3 instruments. If this esdhse, then this result is consistent with PCAOB
criticism of auditors not gathering sufficient appriate audit evidence concerning fair values
and several recent audit quality papers (e.g., eaeg et al. 2011, Chang et al. 2011, and Boone

et al. 2010).

The lack of significance of inputs from the Blackefes Model (e.g., TREAS, VIX)
remains as does the lack of significance, bothviddelly and jointly, for the indicator variables
based on the specific types of the Level 3 instnisieThese results are difficult to explain, but

seem to be driven by the subjective nature of L8watset valuations.

48

www.manaraa.com



Real Activities Manipulation and FVE

The RAM coefficient of .0026 is statistically sifjoant at the one-tailed, .10 level (p =
.0775). Therefore, there is limited support of ilng RAM as a measure of management’s
aggressiveness in financial reporting. The matgiffact on FVE of a one-unit increase in
RAM is .0026, holding other factors constant. Btendardized (untabulated) coefficient for
RAM is .1013. Interestingly, this standardizedftiornt is similar to the previously discussed
standardized coefficient for DA. The interpretatibe standardized coefficient is that a one

standard deviation change in RAM increases FVELBY3 standard deviations.

The F statistic for the second model is signiftatrconventional levels (untabulated; p
=.01). The BIG4 indicator variable is no longaatistically significant, but ROA is highly
significant (t= 4.412, p <.000). The coefficiaitROA is also large. As ROA is a measure of
profitability, this may suggest that better-manafieds also have more success investing in
Level 3 instruments. The inability of inputs frahe Black-Sholes Model or indicator variables
based on corporate disclosures of the Level 3unstnts to explain variation in FVE persist in

the second model.

Meet-or-Beat and FVE

As evidenced by the lowest adjusted R-squaredyiBE model is the worst-performing
of the three specifications reported in Table®fakt, the coefficient of MBE is negative. This
is not cause for alarm and does not necessariigdatelthe presence of omitted variables or
misspecifications of functional form. The MBE cligknt is extremely imprecisely estimated.
In fact, the standard error of the coefficient &milated) is seven times larger than the
coefficient itself. The p-value of .822 also shaWat there is almost no evidence inconsistent

with the null hypothesis that the MBE coefficiestequal to zero.
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The F statistic for the overall model is statiglig significant at conventional levels (p <
.01) and therefore the null hypothesis that eachetoefficients in the model are jointly equal
to zero is rejected. ROA remains the strongesviddal predictor of FVE, and the coefficient
of .089 is still relatively large. The same corsiduns regarding the explanatory power of inputs

from the Black-Sholes Model and indicator varialidased on Level 3 instrument type remain in

the third model.
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Table 6

Multivariate Regressions

FVE FVE FVE
VARIABLES Coeff t-stat  p-value Coeff t-stat p-value Coeff t-stat P-Value
DA 0.0019* 1.747 0.082
RAM 0.0026 1.427 0.155
MBE -0.0002 -0.225 0.822
TREAS 0.0051 1.085 0.279 0.0083 0.914 0.362 0.0096*1.791 0.074
VIX -0.0000 -0.480 0.631 -0.0002* -1.857 0.065 ano -1.439 0.151
SP 0.0001* 1.675 0.095 0.0001 1.634 0.104 0.0001 5071. 0.133
LMVE -0.0000 -0.185  0.853 0.0001 0.329 0.743 -0M00 -0.124  0.902
LEV -0.0029 -1.464  0.144 -0.0013 -0.364  0.716 0300 0.216 0.829
ROA 0.0304* 1.837 0.067 0.1215** 4,412 0.000 0.689 4.861 0.000
BIG4 0.0102** 5237 0.000 0.0009 0.345 0.730 0801 0.918 0.359
D1 -0.0011 -0.535  0.593 0.0003 0.098 0.922 0.0008 .328 0.743
D2 -0.0002 -0.268  0.789 -0.0010 -0.639  0.523 -2000 -0.186  0.853
D3 0.0002 0.208 0.836 -0.0031 -1.190  0.236 0.0006 .58 0.562
D4 -0.0009 -0.872  0.384 -0.0018 -0.940 0.349 0.00050.417 0.677
D5 0.0006 0.539 0.591 0.0006 0.204 0.839 0.0014 641.0 0.288
D6 -0.0007 -0.431  0.667 0.0011 0.455 0.650 0.0015 .81 0.417
D7 -0.0004 -0.391  0.696 0.0000 0.028 0.978 0.0004 .2940 0.769
Constant -0.0107*+*  -3.974  0.000 -0.0035 -0.819 1@.4 -0.0047 -1.567  0.118
Observations 302 204 351
Adj. R-squared 0.099 0.075 0.055

Variables: FVE is realized and unrealized gainslasges in periotlscaled by total assets in periatl. DA is absolute
value of discretionary accruals in perietl from DSS (1995). RAM is composite real activitireanipulation defined as
Abnormal Production minus Abnormal Cash Flows filOperations minus Abnormal Discretionary ExpenseshE
individual RAM component was estimated as in CZL(20 DA and RAM are both Winsorized at the 1% ledBE is an
indicator variable equal to one if the firm's "®f'eearnings are greater than or equal to the reasint analyst consensus
estimates. TREAS is the three-month yield on U8sinees. VIX is the closing price of the CBOE Vit Index. SP is
the quarterly standard deviation of the S&P 50@ind.MVE is the natural log of the market valuesglity. LEV is the

debt-to-assets ratio in peritd. ROA is the return-on-assets ratio in petioBIG4 is an indicator variable equal to one if
the firm is audited by a Big 4 auditor. D1 is adigator variable equal to one if the Level 3 instant is an asset-backed
security. D2 is an indicator variable equal to driee Level 3 instrument is an auction rate seguf3 is an indicator
variable equal to one if the Level 3 instrumerd ison-specific derivative. D4 is an indicator vhlgaequal to one if the
Level 3 instrument is physical commaodity derivatiia® is an indicator variable equal to one if trevél 3 instrument is an
energy derivative. D6 is an indicator variable éqoane if the Level 3 instrument is a mortgagekaal security. D7 is an
indicator variable equal to one if the Level 3iostent is an investment in private equity.

* *** |Indicate statistical significance at the .Hhd .01 levels, respectively, based on two-taiests.

51

www.manaraa.com



In summary, H1 is supported when management’s agigeness in financial reporting is
measured using discretionary accruals. Measugggessiveness using RAM provides some
support for H1, but not at the conventional 5% lew¢1 is not supported when MBE is used as
a proxy for aggressive financial reporting. Tlusnteresting given that the MBE model has the
most observations which, holding all else constacdnometrically reduces the standard error of
parameter estimates. Big 4 auditors have a pesitin statistically significant association with
FVE in the first model (DA), but this variable istrsignificant in the other two models. ROA
has an extremely large test statistic in two ofrtteelels (RAM and MBE) and also a relatively
large coefficient. Surprisingly, the group of iodior variables for Level 3 investment type do
not explain a significant amount of variation in E¥ither individually or jointly. Despite
common disclosures that the Black-Sholes Modes&luo value Level 3 items most of the
macroeconomic variables from the Black-Sholes Madelnot significant at conventional levels
in either levels or differences. At best, only @iack-Sholes input is significant at the two-

tailed, 10% level in each model.

Additional Analyses- Suspect vs. Non-suspect firms

Classifying firms into “suspect” vs. “non-suspefitins based on financial statement data
has precedent in the accounting literature (e.gn &d Park 2014, Cohen et al. 2008,
Roychowdhury 2006, Burgstahler and Dichev 199 thalbchanges in scaled earnings between
financial reporting periods, no change in scalediegs between financial reporting periods, and
“‘just” meeting or beating analysts’ consensus egsby one cent or less have all been used in
prior research to classify firms into the “suspegup. Following Kim and Park (2014), |

classify suspect firms based on the following cidte
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1BQ;
a0, € [0,.005] (6)

IBQt—IBQt—1
= are € [0,.005] (7
IBQt— IBQt—4
Surpamnt, € [0.01] (9)

where IBQ, and ATQ are defined previously and Sempas the difference between the most
recent analysts’ consensus estimates and the fiireet” earnings. Many firms exhibit an
element of seasonality in earnings. For examplajlers often have their busiest quarter of the
year followed by one of their slowest quartershaf year. Defining suspect firms based only on
changes in scaled earnings between adjacent guagteres this. The business cycle alone may
influence the construction of the variable in equra¥. Therefore, prior definitions of suspect

firms are augmented to include a seasonal differgridch is shown in equation 8.

Once firms are classified as suspect or non-suswedests are conducted. First, | test
for differences in means between suspect and ngpestifirms for total realized and unrealized
gains/losses on Level 3 instruments. Second,ubgest firm analysis is constrained to only
examining the unrealized component of valuatiomges in Level 3 items (i.e., mark to market

adjustments for assets still held at the repopiegod date).

Suspect Firm Analyses- FVE

As shown in Table 7, the mean of FVE is largersiaspect firms than non-suspect firms

in each of the four classifications except for oR¥.E is larger when classifying firms based on
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changes in earnings, seasonal changes in earaimgisneeting-or-beating by one cent or less.
The only classification where the mean of FVE isben for suspect firms is when suspect firms

are classified based only on return on assets IB&/ATQ).

Statistical tests of differences in means reveat two of the averages are statistically
significant at the one-tailed, 10% level. Speaeiliig, the p-value of the difference in FVE mean
between suspect firms and non-suspect firms baselifferenced earnings is .096, and the p-
value of the difference in FVE mean between suspedtnon-suspect firms based on meeting-
or-beating by once cent or less is .09. It isoaable to question whether a statistical test based
upon equal variances between the groups is appteprFor instance, suspect firms may have
larger variances in FVE due to using Level 3 insgnts as active earnings management tools.
It is also plausible to argue that suspect firmgtamaller variances in FVE due to ignoring
fundamental valuation changes in the Level 3 itemeduce volatility in earnings based upon
holding or selling Level 3 instruments. Regardlebahich case is true, t tests allowing for
unequal variances are performed (untabulatedjtencesults are quantitatively similar. Taken
together, the suspect firm analysis based upon pgtades limited additional evidence that

aggressive firms use financial reporting discretmneport overstated FVE.
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Table 7
FVE Suspect Firm Analyses

Eqg. 6 Eq. 7 Eq. 8 Eqg. 9
Suspect Firm Criteria IBQJ/ATQ; € [0, .005] (IBQ;- IBQ..2)/ATQ; € [0, .005] (IBQ:- IBQu4)/ATQ;€ [0, .005] MBE <$.01
Mean FVE for Suspect Firms -0.003 0.0003 .0000 @00
Mean FVE for Non-Suspect Firms -0.002 -0.0004 -0300 -0.0003
Difference -0.001 0.0007 0.0003 0.0011
P-Value of the Difference 0.552 0.096 0.286 .090

Variables: FVE is realized and unrealized gainsédssn period scaled by total assets in perigdl. IBQ is quarterly income before extraordinary itetdi§Q
is quarterly total assets. MBE is the differenceMeen the firm's "Street" earnings and most reaaatyst consensus estimates. Only firms that met or
exceeded analyst consensus estimates by one dessa@re considered suspect.

Reported p-values are based on one-tailed tests.
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Suspect firm analysis- Unrealized gains/losses

The results of the second suspect firm analysiseported in Table 8. The classification
of suspect firms remains unchanged. The only iffee modification is that only unrealized
gains/losses (i.e., mark to market) adjustmentsemted rather than FVE. The unrealized
gains/losses are solely based on management’sagstimof the value of instruments still held at
the reporting period date. These mark to markgisaaents account for 38.9% of total realized
and unrealized gains/losses on Level 3 instrumePtsviously it was shown that managers are
able to use discretion in both the realized an@alimed components of total realized and
unrealized gains/losses on Level 3 assets (ealized gains are the difference between last
period’s internal estimate of a Level 3 investmentlue and the execution price of a sale to a
counterparty in the next period. Management hagpbete autonomy over the former). While
management decides when to sell Level 3 investnaamisalso has the ability to influence
realized gains, it is reasonable to suggest thatgement has more discretion over the
unrealized portion of gains/losses attributabledweel 3 assets. Therefore, the second suspect

firm analysis is limited to only unrealized gainsées.

The results of the second analysis are simil#nedirst. However, the mean of
unrealized gains/losses is larger in all four saspam classifications instead of three of the
classifications. The second major difference & there is only one out of the four suspect firm
classifications where a one-tailed, 10% level stiatl difference is detected. This difference is
for classifying suspect firms based on changesiiniegs. This result is interesting because it
may indicate the extent to which mangers have enfte over realized gains and losses through
timing of sales and initial valuations. Two of thespect firm groups have statistically

significant (one-tailed, 10%) differences for FWhich includes realized gains/losses, while
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only one suspect firm group has a statisticallyiicant (one-tailed, 10%) for unrealized
gains/losses. The second suspect firm analysisde® less additional support for the

hypothesis tests of H1 than the first suspect &imalysis.
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Table 8
Unrealized Gain/Loss Suspect Firm Analyses

Eqg. 6 Eq. 7 Eq. 8 Eqg. 9
Suspect Firm Criteria IBQJ/ATQ; € [0, .005] (IBQ;- IBQ..1)/ATQ; € [0, .005] (IBQ:- IBQu4)/ATQ;€ [0, .005] MBE <$.01
Mean FVE for Suspect Firms -0.0001 0.0004 0.0001 00@B
Mean FVE for Non-Suspect Firms -0.0002 -0.0004 003D -0.0002
Difference 0.0001 0.0008 0.0003 0.0005
P-Value of the Difference 0.462 0.078 0.215 0.289

Variables: Unrealized Gain/Loss is unrealized gésses (i.e., mark to market adjustments) in plrsraled by total assets in peripdl. IBQ is quarterly
income before extraordinary items. ATQ is quartéobal assets. MBE is the difference betw#enfirm's "Street" earnings and most recent ahalyssenst
estimates. Only firms that met or exceeded analyssensus estimates by one cent or less are cbslespect.

Reported p-values are based on one-tailed tests.
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Additional Analyses- Unrealized Gains/Losses

The last additional analysis builds upon the sd@rspect firm analysis which tested for
differences in means in unrealized gains/lossesd®st suspect firms and non-suspect firms.
The primary models used to test H1 are re-estimagety unrealized gains/losses as the

dependent variable instead of FVE. The results@finalysis are provided in Table 9.

There are some similarities to the initial restdgsorted in Table 6. DA remains positive
and significant at conventional levels, and thelaxgtory power of several control variables
when using DA as the dependent variable (e.g.RE€H, BIG4) are nearly identical between the
two models. However, there are also importanedgfiices between these results and the initial
results reported in Table 6. The conclusions dreegarding RAM and MBE reverse between
the models. Previously, RAM was significant at\eamtional levels for a one-tailed test and
MBE was not. Table 9 shows that RAM is no longgniicant (p= .521) and MBE is
significant at the .10 level for a one-tailed tgst .062). The coefficients of DA and MBE are
both positive which is expected given prior litewrat and the previously reported findings in the
current study. Interestingly, the coefficient oA almost twice as large (.0033) when
examining unrealized gains/losses and the p-valueuch smaller (p=.005, two-tailed).
Although these are unnested models, this may itidecaf mark to market adjustments having a
stronger association with management’s aggresssgandinancial reporting than total realized
and unrealized gains/losses. | explore whethsrighirue using seemingly unrelated regression
(SUR) developed by Zellner (1962). SUR regresaitows multiple nonnested models to be
estimated simultaneously and provides an estinfateeccontemporaneous correlation of the

error terms from the different models. The modake the following form:

Realized Gains/Losses;, = By + BiDAy + i
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Unrealized Gains/Losses;; = @y + a1 DA + Vit

the null hypothesis thaf; = B, is unable to be rejected at conventional levatéapulated, p=
.365, two-tailed). Thus, one cannot conclude thahagerial aggressiveness in financial
reporting, as measured via discretionary accrbals a stronger association with unrealized

gains/losses than realized gains/lo$ses

The significance of MBE and RAM switch when compgresults using FVE vs.
only unrealized gain/losses. However, when eadhexfe proxies for aggressiveness is
significant, it is only significant at the one-tdl, 10% level. One result is perhaps even more
troubling in the unrealized gain/loss specificasidhan the FVE specifications. Curiously,
inputs from the Black-Sholes Model remain both wulially and jointly insignificant. The
same remains true of the indicator variables baped Level 3 instrument type. The Big 4
indicator variable is also positive and significanall three models. This indicates that firms
with Big 4 auditors report larger mark-to-marketrags than firms with smaller auditors. This
result is counterintuitive, but may be consisteithwecent empirical auditing literature (e.qg.,

Lawrence et al. 2011, Chang et al. 2011, and Bebtaé 2010).

° However, only 97 firms out of the 492 hand-coketbbservations report realized gains/losses byshkes. The
inability to reject the null hypothesis may be @by the small sample size. More precise tedtisiof
supplementary research question are left to fusearch. Univariate regressions are used dinetemall sample
size, as well.
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Table 9
Unrealized Gain/Loss Multivariate Regressions

UGL UGL UGL
VARIABLES Coeff T-Stat P-Value Coeff T-Stat P-Value Coeff T-Stat P-Value
DA 0.0033*** 2.809 0.005
RAM 0.0012 0.644 0.521
MBE 0.0011 1.544 0.124
TREAS 0.0079 1.494 0.137 0.0108 1.112 0.268 0.0094*1.792 0.074
VIX -0.0001 -1.288 0.199 -0.0001  -0.795 0.428 -0D0  -1.218 0.224
SP 0.0001** 2.014 0.045 0.0001 1.532 0.128 0.0601* 2.054 0.041
LMVE -0.0000 -0.167 0.867 -0.0001  -0.236 0.814 00D -0.783 0.434
LEV -0.0007 -0.311 0.756 -0.0022  -0.658 0.512 -080 -0.269 0.788
ROA 0.0305* 1.867 0.063 0.0509**  1.993 0.048 0.0875 2.303 0.022
BIG4 0.0297*** 9.397 0.000 0.0078**  2.558 0.012 Q9B *** 4.282 0.000
D1 -0.0005 -0.119 0.905 -0.0013  -0.217 0.829 -09000 -0.195 0.846
D2 -0.0000 -0.011 0.991 -0.0005 -0.312 0.756 -04000 -0.386 0.700
D3 0.0008 0.789 0.431 -0.0004  -0.180 0.858 0.0005 .498 0.621
D4 -0.0003 -0.251 0.802 -0.0028  -1.507 0.134 -06000 -0.619 0.536
D5 0.0007 0.573 0.567 0.0000 0.002 0.999 0.0005 200.4 0.675
D6 -0.0005 -0.253 0.800 0.0003 0.115 0.909 0.0002 .070 0.938
D7 -0.0003 -0.269 0.788 -0.0005  -0.277 0.782 -06000 -0.474 0.636
Constant -0.0317***  -7.852 0.000 -0.0089* -1.831 0@R -0.0105***  -3.148 0.002
Observations 226 149 254
Adj. R-squared 0.309 0.087 0.101

Variables: FVE is realized and unrealized gainslasses in periotiscaled by total assets in periptl. DA is absolute value
of discretionary accruals in peritd from DSS (1995). RAM is composite real activitieanipulation defined as Abnormal
Production minus Abnormal Cash Flows from Operationnus Abnormal Discretionary Expenses. Each iddal RAM
component was estimated as in CZ (2010). DA and Réd/both Winsorized at the 1% level. MBE is aridatbr variable
equal to one if the firm's "Street" earnings areaggr than or equal to the most recent analystetmos estimates. TREAS is
the three-month yield on US treasuries. VIX is¢hwsing price of the CBOE Volatility Index. SP metquarterly standard
deviation of the S&P 500 Index. LMVE is the natuda of the market value of equity. LEV is the déMassets ratio in
periodt-1. ROA is the return-on-assets ratio in pettioBIG4 is an indicator variable equal to one if finm is audited by a
Big 4 auditor. D1 is an indicator variable equabt® if the Level 3 instrument is an asset-backedrity. D2 is an indicator
variable equal to one if the Level 3 instrumerdrisauction rate security. D3 is an indicator vddadmual to one if the Level 3
instrument is a hon-specific derivative. D4 is adi¢ator variable equal to one if the Level 3 instent is physical
commodity derivative. D5 is an indicator variabtpial to one if the Level 3 instrument is an enatggivative. D6 is an
indicator variable equal to one if the Level 3 instent is a mortgage-backed security. D7 is arcatdr variable equal to one
if the Level 3 instrument is an investment in ptévaquity.

* *x %% Indicate statistical significance at thel0, .05, and .01 levels, respectively, based twvoeailed test.
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V. Conclusion

This study examines whether a firm’s aggressivenefinancial reporting is related to
realized and unrealized gains/losses on Level &@sas#\ggressiveness is operationalized using
discretionary accruals, real activities manipulatiand “Street” earnings that are greater than or
equal to analysts’ consensus estimates. Existuties regarding the value relevance and
earnings management ease of Level 3 fair valueustit has focused solely on financial
services firms. Surprisingly, financial servicesis make up only around 36% of the population
of firms that hold Level 3 items. The industry lvthe largest number of firms holding Level 3
investments is the Electric, Gas, and Sanitarydingusiness. Firms that hold Level 3
investments are typically larger and more profigablan the average firm that is covered by

COMPUSTAT. Due to the sophistication of these gehis is not surprising.

The research question herein is whether aggresme will intentionally reported
biased (i.e., overstated) realized and unrealizéasgand losses on Level 3 instruments.
Supplementary analyses examine only the unreafizzdmark to market) valuation changes in
Level 3's. The results of the primary, supplementand suspect firm analysis suggest that
there is a positive relationship between aggressis® in financial reporting and Level 3
gains/losses on sales and Level 3 valuations. Merydiscretionary accruals is the only proxy
for aggressiveness that is consistently significAlhen RAM or MBE are significant, they are

only significant at the one-sided, 10% level ratian the conventional 5% level.

The primary limitations of this study relate to tirae period covered in the sample and
using XBRL data in an archival analysis. Due t® ithplementation dates of FAS 157/ASC 820

and XBRL tagging, my sample includes the financradis. It may be the case that this distorts
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the true relationship between FVE and the threesorea of aggressiveness used (e.g., DA,

RAM, and MBE). This consideration is left to futuresearch.

Using XBRL data in archival accounting researca iglatively recent phenomenon.
Some prior studies have found significant XBRL ierpkntation issues (e.g., Harris and
Morsfield 2012). These problems are primarily assted with XBRL documents being
incorrectly “tagged” due to the current lack of dadassurance over the XBRL data. Consistent
with Harris and Morsfield (2012), | find an err@te of approximately 31% between the XBRL
tagged data and the hand-collected data from ED@&Is. This calls into question the
suitability of using XBRL data for accounting resgeers. The largest number of errors is firms

reporting only cumulative 6- or 9-month figurest bagging these as single-quarter figures.

There are also a number of idiosyncrasies gettiBRXdata ready to be used with other
major archival databases (e.g., COMPUSTAT). Irdgkpon for cumulative periods and
adjusting the actual filling date, which XBRL hasth the approximate period-end date

contained in COMPUSTAT are two such examples.
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Appendix A: Simultaneity Between FVE and DA

In certain circumstances the dependent variahbileisnstudy is necessarily correlated
with total accruals due to the equation used tovdéotal accruals. This is problematic
econometrically because in these situations therddgmt variable used in this study will be
included as a part of discretionary accruals tcetktent that the regressors in the discretionary
accruals model shown in Eq. 1 do not explain viamain FVE. The inclusion of FVE into the
DA measure induces simultaneity bias in OLS anddda biased an inconsistent parameter
estimates (Wooldridge 2002). The following senégquations illustrate the simultaneity

problem:

Total Accruals= Net Income Before Extraordinaryrte— Operating Activities Net Cash Flow

(6)
Operating Activities Net Cash Flow= Net Income #ala\djustments (7)

where Total Adjustments are all the reconcilingngecontained in the operating section of the

statement of cash flows.
By substituting Eq. 7 into Eq. 6
Total Accruals= Net Income Before Extraordinaryrite— (Net Income + Total Adjustments)

and assuming firms do not have extraordinary itéves,Income Before Extraordinary Items=

Net Income

Total Accruals= Net Income Before Extraordinaryrte Net Income Before Extraordinary

Items — Total Adjustments

Total Accruals= (-1)x(Total Adjustmentsg)(
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Therefore, total accruals equals the negativetaf teconciling items on the operating
statement of cash flows. Any realized or unredligain/loss that is included in FVE and is also
included as a reconciling item in the operatingisamf the statement of cash flows induces

simultaneity bias in the OLS parameter estimates.

The FASB Codification defines operating activitessresidual category for any items
which are not classified specially as investingjrmancing activities (FASB ASC 230-10-20).
Generally, the reconciliation included in the opiagsection of the statement of cash flows
provides detail about transactions that impacinmetme and operating cash flows in different
periods (FASB ASC 230-10-45-2). In the event théitm has a Level 3 asset designated as a
trading security, the unrealized gain/loss wouldabétem which is included in net income but
without an associated current period cash flower&fore, the unrealized gain/loss will be
included as a reconciling item in the operatingisamf the statement of cash flows and will be
included in Eq. 8 (i.e., the dependent variablenidoth the left-hand and right-hand side of the
regression equation). In this case, one appr@pwaly to eliminate the simultaneity bias is to
simply subtract the unrealized gain/loss direathnf the calculation of total accruals prior to

estimating discretionary accruals.

For example, assume Firm A holds a Level 3 tradeyrity which has not changed in
value during the period. Net income is 50 andcast provided from operating activities is -25.
This firm has total accruals of 50 — (-25) = 750vWWNassume that the security increased in value
by 5 and this gain was unrealized. Net incomeois B5, but net cash provided from operating
activities remains unchanged. Total accruals ¥8 55- (-25) = 80 which is overstated by the
amount of the unrealized gain. Subtracting thealwed gain yields total accruals equal to 75

which equals total accruals disregarding the uiredlgain. A similar example for unrealized
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losses shows that total accruals are understageth@iunrealized loss (i.e., 70) and subtracting

the unrealized loss brings total accruals baclkbsto 7

Subtracting FVE from total accruals is also appaiprwhen Level 3 securities
designated as available-for-sale have been sdié. plirchase of available-for-sale securities is
classified as an investing activity (FASB ASC 23D45-11). However, the realized gain on
subsequent sales of available-for-sale securgiegcluded as a reconciling item in the operating
section of the statement of cash flows (FASB ASG-23-45-28). The dependent variable for
this study includes firms that have sold Level dikble-for-sale securities, and the subtraction

of FVE eliminates the simultaneity in these cases.

However, manually subtracting FVE from total actsua not appropriate to the extent
that FVE includes realized gains/losses on tradewyrities. It can be shown that subtracting
FVE from gains that are realized overstates tatafumls. This is only one example where the
subtraction of FVE from total accruals is unwaresht Derivatives which are classified as Level
3 assets and whether or not the firm uses finanm@aluments that qualify for fair value hedge
accounting are other situations which may influetigepropriety of subtracting FVE from total

accruals.

It is problematic to use the FASB Codification demtify every single economic
circumstance when manual subtraction is warramedaden it is not. Accordingly, the lag of
discretionary accruals is used to avoid simultgrigigas. Using lags to avoid simultaneity is both

econometrically sound and accepted in the accogifiterature (i.e., Matsumoto 2002).
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Appendix B: Comparison of Firms with Level 3 Instruments to
COMPUSTAT

Table 10 contains six different measures takem fitee financial statements of
the firms in the hand-collected sample vs. theremopulation of firms covered by
COMPUSTAT- Fundamentals Quarterly from JanuarydD2to June 30, 2012. As noted
previously, COMPUSTAT covers 153,912 firm-quartéusing this time period. The entire
COMPUSTAT- Fundamentals Quarterly database was badad and all variables were
Winsorized at the 1% level prior to comparing tla¢adto the hand-collected sample.

Firms in the hand-collected sample are, on avetagger than the population of firms
covered by COMPUSTAT. Both total assets and tigeofldhe market value of equity are larger
in the hand-collected sample. The sample in theentistudy also contains firms that are more
profitable than the COMPUSTAT- Fundamentals Qubrigatabase. Return on assets (ROA)
and quarterly earnings per share (EPSPIQ) are hfghéhe hand-collected sample. While
ROA is negative for the full COMPUSTAT data thissdmot mean that most firms covered by
COMPUSTAT have negative net income. This is singulyartifact of the scaling of the
denominator used to calculate return on assetsduerage total assets). COMPUSTAT reports
total assets in millions. Accordingly, smallemfis will have decimals in the denominator of the
ROA calculation. ROA is -.09 for the COMPUSTAT pdgtion, but earnings per share is .14.
Therefore, the average firm covered by COMPUSTAjrdditable but not as profitable as firms
in the hand-collected sample. Level 3 assetsarhdnd-collected sample are 355.60 compared
to 63.48 in the aggregate COMPUSTAT data. Takgatteer, firms in the hand-collected
sample are larger, more profitable, less levered,iwld more Level 3 assets than the average

firm covered by COMPUSTAT.
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Table 10
Financial Statements Measures
Hand-Collected Sample vs. Full COMPUSTAT

Variable Hand-Collected Sample COMPUSTAT Total

ATQ 38,803.13 5,625.72
LEV 0.55 1.07
ROA 0.02 (0.09)
LMVE 9.23 4.97
AUL3Q 355.60 63.48
EPSPIQ 0.59 0.14

Variables: ATQ is total assets, quarterly. LEVWhe debt to assets ratio.
ROA is the return on assets ratio. LMVE is theuratlog of the market
value of equity at the end of the quarter. AUL3Qatal Level 3 assets
at the end of the quarter. EPSPIQ is quarterlgirgs per share.
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